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Abstract: Both drought and flooding are unfavorable for soil microorganisms, but nevertheless,
are highly relevant to the extreme weather events that have been predicted to increase in the future.
The switch of soil water status from drought to flooding can happen rapidly and microbial activity
might be either stimulated or further inhibited, but we have insufficient understanding of the
underlying microbial processes. Here, we tracked the changes in soil bacterial and fungal abundance
and their community structures, assaying the total (DNA-based) and potentially active (RNA-based)
communities in response to abrupt flooding of dry soil. Also, rates of soil respiration and enzyme
activity were measured after flooding. Results showed that the bacterial community was found to
be more responsive than the fungal community to flooding. The bacterial community responses
were clearly classified into three distinct patterns in which the intermediate pattern displayed highly
phylogenetic clustering. A transient flourish of Bacilli which belongs to Firmicutes was detected at
8–48 h of flooding, suggesting its potential importance in the microbial assemblage and subsequent
ecosystem functioning. Finally, the accumulative amount of CO2 released was more closely related
than enzyme activity to the change in structure of the bacterial community after flooding. In conclusion,
these findings extended our understanding of the underlying soil microbial processes following
abrupt water condition changes.
Keywords: soil bacteria; soil fungi; microbial activity; DNA; RNA; flooding

1. Introduction
Soil microorganisms play pivotal roles in regulating critical ecosystem processes. For example,
the microbial-mediated processes such as nutrient cycling and the flux of trace gases make a tremendous
contribution to terrestrial feedbacks in climate change [1]. Equally, environmental factors such as
temperature, moisture and nutrient supply make a great influence on soil microbial activity, abundance
and community composition [2], thereby impacting soil ecosystem functions. Next to temperature,
moisture content is recognized as the most primary determinant regulating microbial heterotrophic
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respiration, which drives soil functioning and realizes ecosystem services [3]. As long as 60 years ago,
rewetting dry soil was noted to result in a pulse of respiration, the so-called ‘Birch effect’, accompanied
by soil carbon loss [4] and faster turnover of other nutrient elements [5]. Behind the phenomenon
of the ‘Birch effect’, although CO2 may be released from soil pore space, the rapid reactivation of
soil heterotrophs, and further microbial metabolism of soil organic carbon that becomes available,
makes a primary contribution to the CO2 pulse after rewetting [6]. Drought can decrease microbial
activity owing to a combination of direct desiccation stress on microbes and the reduced diffusion of
substrates through soil [1,7], until rewetting removes these limitations and fuels microbial re-metabolism.
Conversely, flooding, which can be considered as an extreme of rewetting, can restrain soil microbial
process rates via negatively affecting soil physical and chemical characteristics (e.g., porosity, structure,
pH and gas transport) and impacting functional microbial communities [8]. Therefore, both drought
and flooding can be stressful for soil microorganisms, thereby affecting soil process rates [9].
It is well known that soil microbes have different strategies to survive desiccation and rewetting [10],
including the accumulation of osmolyte [7], production of exopolysaccharide [11], and entry into
dormant states. Gram-positive bacterial lineages tend to be more drought resistant than Gram-negative
lineages, due to their thicker cell walls for resisting water deficit [12], while many microbes such as some
Firmicutes and some Actinobacteria produce smaller spores and cyst-like cells that are restructured from
vegetative cells when facing such harsh conditions as extreme aridity [6,13]. Dormancy, as a microbial
reversible state of reduced metabolic activity, is an important diversity-maintaining mechanism for
soil microbial species and functions in dry soils [1] and when soil water conditions become favorable,
it can be reversed and then reinvigorate ecosystem processes such as the nitrogen and carbon cycles.
For example, nitrifying communities were stimulated to recover transcriptional activity in tandem after
wetting of dry soils taken from Californian annual grasslands but with slightly different responses
between archaeal and bacterial ammonia oxidizers [14]. Zhu et al. [15] resuscitated dormant anammox
bacteria from dry terrestrial ecosystems (after a resting period of >10 ka) by simple addition of water
without any other substrates, resulting in enhanced turnover of the anammox process. The microbial
community has been reported to display a three-step resuscitation pattern, which well describes the
characteristics of the CO2 pulses resulting from wet-up over time [6].
Bacterial response to drought and rewetting can be classified into three discrete ecological
strategies: sensitive, tolerant, and opportunistic, due to increased injuries in viable cells, microbial
physiological adaptation, and colonization of available niches upon rewetting, correspondingly [16,17].
Fungi are generally more tolerant than bacteria to drought owing to their ability to grow at lower
water availabilities, and to having hyphae which may cross air-filled soil pores to access water and
nutrients [18], whereas they are less prevalent under flooded conditions, due to their sensitivity to
oxygen limitation [19]. As for bacteria, a similar fungal response to changed moisture conditions has
been recently reported that they may be not only tolerant to drought but also may respond sensitively
or opportunistically [17,20]. Therefore, the fungal community may also display a distinct and regular
resuscitation upon water addition to dry soil.
The response of soil microbial communities to the drastic changes in soil water status that results
from climate change, as well as its effect on ecosystem processes and functions, has been a topic of
intense interest [12,16,18,21], particularly as more erratic alteration of precipitation patterns, including
an increase in frequency and intensity of droughts, are predicted in the near decades [22]. Paddy soils
may be regarded as a special case as they are subjected to regular drainage and flooding and may
have a degree of adaptation to this challenge but are less exposed to severe drought. Little is known
about how the paddy soil microbial community, including bacteria and fungi, responds to abrupt
increase of water status from drought to flooding stress. It highlights the following questions as to (1)
how the soil microbial activity changes and the community responds after a rapid increase of water
potential in dry soil; (2) how the community changes following a decline in activity upon flooding
and whether particular microorganisms play important roles in response to flooding; (3) whether the
patterns of microbial resuscitation can describe the characteristics of microbial activity; and (4) which
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indicators of microbial activity, soil respiration or enzyme activity, are better able to predict the changes
in community structure.
To address these questions, we investigated changes in soil bacterial and fungal activity and
their dynamic community responses to flooding of a dry paddy soil. First, the dynamics of soil gas
efflux (CO2 , N2 O and CH4 ) and enzyme activity (β-glucosidase, N-Acetyl-glucosaminidase, and acid
phosphatase) were measured over time, since both soil respiration and enzyme activity are regarded
as critical indicators of microbial activity and potential function. Second, at different time points we
quantified the relative abundance of taxa and profiled the communities on the basis of both DNA and
ribosomal RNA (both assessed using the bacterial 16S rRNA gene and the fungal rRNA ITS region),
which serve as the present or total (DNA-based) and potentially active (rRNA-based) soil microbial
communities, respectively [10]. Although there are some unavoidable limitations with rRNA-based
analysis of microbial community such as high numbers of ribosomes in some dormant cells and
rapid degradation during the extraction process [23], previous studies have reported that microbial
community analysis based on rRNA extraction is a valid approach to identify the ‘potentially active’
fraction of microbes in environmental samples [18,24] as ribosomes are essential for protein synthesis
in actively growing cells [6]. Here, we explore the dynamics of soil bacterial and fungal community
assemblages within one week at a high temporal resolution when they emerge from stasis and resume
metabolic activity after abrupt flooding of dry soil, using the Illumina high-throughput sequencing of
rRNA amplification at both RNA- and DNA-levels. We hypothesized that (i) both soil bacterial and
fungal communities could display a step change in relative abundance during the time series after
abrupt flooding, and (ii) their response patterns of communities based on DNA and RNA could frame
the characteristics of change in microbial activity indicated by soil respiration and enzyme activity
resulting from abrupt flooding.
2. Materials and Methods
2.1. Soil Sampling and Experimental Setup
The bulk paddy soil samples were collected at a depth of 0–20 cm from a field near Ningbo city
(121◦ 220 3” E, 29◦ 470 24” N), Zhejiang province of China, in September 2018, when the rice was at the
ripening stage and thus the paddy field had been drained to about 60% moisture content. The site
has a typical subtropical monsoon climate with a mean annual temperature of 16.4 ◦ C and an annual
precipitation of 1480 mm, which is mainly focused from May to September. The field was in regular
production with a rice-wheat rotation system. We randomly selected three 5 × 5 m plots and randomly
collected a total of 12 soil cores as sub-samples from each plot. Soil samples at a depth of 0−20 cm
were collected using an 8-cm diameter auger. All soil cores from each plot were mixed and transported
to the laboratory immediately. After removing plant residues and stones from the soil by hand, the soil
samples were air-dried at room temperature to reach approximately 10% moisture content and passed
through a 2-mm mesh sieve. The soil was stored at 4 ◦ C until further study. Soil pH was 5.6, determined
at a soil and water suspension ratio of 1:5 (w/v). Soil total organic carbon, nitrogen, and phosphorus
content were 3.25%, 0.41%, and 0.07%, respectively, giving a carbon/nitrogen ratio of about 8.0.
The flooding experiment was performed in 100-mL jars. After preincubation at 25 ◦ C for 3 days,
soil samples (~40 g fresh soil per jar) were amended with 50 mL sterilized Milli-Q water to give a final
aqueous layer of about 1.5 cm. These were incubated at 25 ◦ C in the dark for 7 days. In total, 45 jars
were allocated for destructive sampling at every time point (0.25, 0.5, 0.75, 1, 2, 4, 8, 12, 24, 48, 72, 96,
120, 144, and 168 h) with three replicates. At the respective time after water addition, each soil sample
was divided into three sub-samples: ~5 g of soil was dispersed in sodium acetate buffer solution for
immediate enzyme assays, ~5 g of soil was fully immersed in RNA protection solution in a 15-mL
centrifuge tube and immediately transferred to a −80 ◦ C refrigerator for RNA extraction, and the
remaining soil was placed in a sterile bag, snap frozen in liquid nitrogen and thereafter stored at −80 ◦ C
for subsequent DNA extraction.

Agronomy 2020, 10, 502

4 of 21

2.2. Soil Gas Efflux Rates
Rates of soil greenhouse gas production were determined independently on a similarly prepared
parallel set of samples, except that we used 20 g fresh weight of soil in 120 mL serum bottles,
in quadruplicate at 25 ◦ C, 30 mL sterilized Milli-Q water was added via a syringe through a butyl
rubber septum in the sealed lid. The bottles were put into a water bath at 25 ◦ C and greenhouse
gases in the headspace were auto-sampled by a robotic sampling system and sequentially analyzed by
a modified gas chromatograph (Agilent 7890A, Agilent, Palo Alto, CA, USA) equipped with thermal
conductivity detector (TCD), electron capture detector (ECD), and flame ionization detector (FID) for
CO2 , N2 O, and CH4 , respectively [25].
2.3. Soil Enzyme Assays
Soil enzyme activity was estimated through microplate-scale fluorometric assays using
4-methylumbelliferone (MUB)-linked model substrates [26,27]. The targeted soil enzymes were
β-glucosidase, N-Acetyl-glucosaminidase, and acid phosphatase, which are relevant to the cycling
of carbon, nitrogen, and phosphorus, following the methods described previously [26,28]. Briefly,
about 1.5 g fresh soil was weighted into a black HDPE bottle and suspended in 125 mL of 50 mM
sodium acetate buffer (pH = 5.6) as a soil slurry. Soil assays (100 µL soil slurry + 100 µL substrate
solution), substrate controls (100 µL substrate solution + 100 µL buffer), reference standards (50 µL
standard solution + 150 µL buffer), quench controls (100 µL soil slurry + 50 µL standard solution +
50 µL buffer) and soil controls (100 µL soil slurry + 100 µL buffer) were set up. Microplates were
covered and incubated in the dark at 25 ◦ C: 1h for acid phosphatase, 2h for β-glucosidase and
N-Acetyl-glucosaminidase. Fluorescence intensity was measured using a microplate fluorometer
(Infinite® 200, TECAN, Männedorf, CH) with 365-nm excitation and 450-nm emission filters [27].
Soil enzyme activity was expressed in units of nmol MUB g−1 dry soil h−1 .
2.4. Nucleic Acid Extraction and Purification
Soil microbial DNA was extracted from 0.5 g (freeze-dried soil) using a FastDNATM SPIN kit
for soil (MP Biomedicals, Santa Ana, CA, USA) following the manufacturer’s instructions. RNA was
extracted from fresh soil that was preserved in RNA protection solution using a protocol adapted
from Griffiths et al. [29] and Ding et al. [30]. In brief, 0.5 g fresh soil was transferred to a 2 mL Lysing
Matrix E tube containing 1.0 g of glass beads (0.5 g 0.1-mm glass beads and 0.5 g 0.5-mm zirconia/silica
beads), then 0.25 mL potassium phosphate buffer (240 mM, pH 8.0), 0.25 mL CTAB buffer (10% CTAB,
0.7 M NaCl) and 0.5 mL 25:24:1 phenol: chloroform: isoamyl alcohol were added in order, followed by
shaking at a speed of 5.5 m s−1 for 40 s (FastPrep24, MP Biomedicals). After that, the aqueous phase
containing nucleic acids was separated by centrifugation (16,000 g) for 5 min at 4 ◦ C and extracted
by mixing with an equal volume of 24:1 chloroform: isoamyl alcohol to remove phenol followed by
repeated centrifugation (16,000 g) for 5 min at 4 ◦ C. Total nucleic acids were subsequently precipitated
from the extracted aqueous layer with 2 volumes of 30% (wt/vol) polyethelene glycol 6000 (Biofroxx,
Germany) 1.6 M NaCl for 2 h at room temperature, followed by centrifugation (18,000 g) for 15 min
at 4 ◦ C. The pelleted nucleic acids were washed with ice cold 70% (vol/vol) ethanol and air dried in
a sterile environment and then resuspended in 50-µL of RNase free water. Nucleic acids including
DNA and RNA were now obtained and co-extracted genomic DNA was removed with RNase-free
DNase (Fermentas, USA). The resulting RNA was further purified using a RNeasy® Mini Kit (QIAGEN
GmbH, Hilden, Germany) according to the manufacturer’s instructions.
Additionally, prior to RNA extraction, all solutions and glassware were thoroughly treated
with 0.1% diethyl pyrocarbonate solution at 37 ◦ C overnight and all plasticware used was certified
RNase-free. After measuring integrity by agarose gel electrophoresis, DNA and RNA quality and
concentration were further determined using a NanoDrop2000 spectrophotometer (Scientific, NY,
USA), then stored at −80 ◦ C for further use.
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2.5. Quantification of Bacterial and Fungal Abundance
The extracted and purified RNA was reverse-transcribed to single-stranded cDNA using
a PrimeScript™ RT-PCR Kit (Takara, Dalian, China) to get the overall length of the microbial rRNA
gene according to the manufacturer’s instructions. 2.5-µL of reverse-transcription mixture containing
cDNA was performed by RT-PCR following the manufacturer’s guide to verify the eventual production.
Using DNA and synthesized cDNA as templates, the abundance of genes and transcripts that encode
bacterial 16S and fungal ITS ribosomal components were assessed by qPCR through a real-time PCR
detection system (Light Cycle 480; Roche). The primers used were: 515F and 907R for bacterial 16S
V4-V5 [31], ITS1F and ITS2R for fungal ITS [32]. Each sample was prepared with a total volume of
20 µL, containing 10 µL Absolute SYBER Fluorescein Mix (Thermo Scientific, Grand Island, NY, USA),
0.4 µL each of forward and reverse primer, 1 µL of 1:10 diluted DNA or cDNA template, and 8.2 µL
double ddH2 O with three replicates. The template-free control reactions contained 1 µL of ddH2 O
instead of DNA or cDNA [33].
2.6. High-Throughput Sequence Analyses
In order to estimate the microbial response to abrupt flooding in the total and potentially active
communities, the bacterial 16S rRNA V4-V5 and fungal ITS region amplicons were sent to Majorbio
Bio-pharm Technology Co.,Ltd (Shanghai, China) for sequencing on an Illumina MiSeq platform (300
× 2 paired end, Illumina, San Diego, CA, USA) at the levels of DNA and cDNA. For preparation of
amplicons, we used unique 6-bp barcode sequences which were linked to each reverse primer to
distinguish different samples. The amplification was performed in triplicate in a 50 µL reaction system
containing 25 µL of 2 × GoTaq® Green Master Mix (Promega, Fitchburg, RWI, United States), 1 µL
of 10 µM for each primer, 1 µL of DNA or cDNA template and 22 µL of sterilized ultraclean water.
The PCR conditions for bacterial 16S rRNA V4-V5 were as follows: pre-denaturation for 5 min at the
beginning, 30 cycles of denaturation at 95 ◦ C for 30 s, annealing at 55 ◦ C for 30 s, and extension at 72 ◦ C
for 45 s, with a final extension at 72 ◦ C for 10 min. The same above thermal cycling conditions were
selected for fungal ITS amplification, except for applying 40 cycles. The mixed triplicate amplicons
were purified using AxyPrep DNA Gel Extraction Kit (Axygen, Hangzhou, China) and quantified with
a NanoDropTM 2000 spectrophotometer (Thermo Scientific, Waltham, MA, USA). Eventually, purified
products of three replicates were pooled equimolarly for sequencing. Sequences reads are archived in
the NCBI Sequence Read Archive, accession PRJNA589669.
We analyzed the sequence data according to a previously described procedure [34] using the
QIIME pipeline v. 1.9.0 [35]. Briefly, after eliminating low quality reads and dereplicating, sequences
were denoised and chimeras were removed with the UNOISE3 algorithm using USEARCH to form
“zero-radius OTUs” (ZOTUs). Singleton ZOTUs were removed using the default “-minsize” value of
8. Taxonomy was assigned based on representative sequences in databases of Greengenes 13.8 [36]
and UNITE 12.11 [37] for bacteria and fungi, respectively, using the blast method. To avoid bias in
sampling effort, a subset of sequences (a smaller number of sequences in bacterial or fungal samples)
were randomly selected and used to calculate rarefaction curves and alpha diversity indices such as
richness, evenness, and the Shannon index.
2.7. Statistical Analyses
Significant differences in soil enzyme activity, log-transformed genes, and their transcript numbers
among soil samples from different time points were analyzed using analysis of variance (ANOVA)
followed by Tukey’s honestly significant difference (HSD) test at α = 0.05 by IBM SPSS 20.0 (IBM Inc.,
Chicago, IL, USA). ANOVA by repeated measures was used to analyze significant differences in gas
production rates. Pairwise weighted UniFrac distances and Bray-Curtis distances were calculated
for the bacterial and fungal communities, respectively, which were used for principal coordinate
analysis (PCoA) by the “vegan” package in R platform [38,39]. Analysis of similarity (ANOSIM) and
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similarity percentage (SIMPER) analysis was used to test the significant differences between community
compositions and to elucidate the indicator of bacterial genera based on the overall UniFrac distances
among microbial response patterns, respectively, using the “vegan” package [39]. Heatmaps displaying
the dynamics of composition of the microbial community were generated using the “pheatmap”
package [40], based on the log-normalized relative abundance of OTU from the bacterial and fungal
groups. Net relatedness index (NRI) and nearest taxon index (NTI) were evaluated using the “picante”
package [41] and phylogenetic trees constructed of all taxa detected in the total and potentially active
communities, using a null model of random community phylogenetic relationships with 999 runs.
The “ggplot2” package [42] was used for data visualization.
Changes in the structure of bacterial and fungal communities were measured by differences in
the phylogenetic distance (Unifrac distance for bacteria and Bray-Curtis distance for fungi) between
the initial (15-min) and each time point community. A linear regression model was used to assess the
relationship between changes in community structure and both soil respiration and enzyme activity.
The Shapiro–Wilk test was used to test the normality and a log(x + 1) transformation was used to
improve normality and homoscedasticity.
3. Results
3.1. Variation in Soil Gases Efflux and Enzyme Activity
Rates of gaseous emission, including CO2 , N2 O and CH4 , significantly increased with different
patterns after flooding of the dry paddy soil (Figure 1). Initially, the accumulation of CO2 and N2 O
increased slowly following an approximate 2 h and 5 h lag period, respectively, while CH4 only
increased after 12 h. The highest rates of CO2 and N2 O production reached 59.8 mg C kg−1 dry
soil d−1 around 96 h and 564 µg N kg−1 dry soil d−1 around 12 h, respectively. After the maximum
peak, the emission rate of CO2 was found to decrease gradually while rates of N2 O emission showed
a dramatic decline following a rapid increase to peak production. Unlike CO2 and N2 O, the rate of
CH4 emission kept increasing during our experiment.
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patterns after flooding of the dry paddy soil (Figure 1). Initially, the accumulation of CO2 and N2O
increased slowly following an approximate 2 h and 5 h lag period, respectively, while CH4 only
increased after 12 h. The highest rates of CO2 and N2O production reached 59.8 mg C kg−1 dry soil d−1
around 96 h and 564 μg N kg−1 dry soil d−1 around 12 h, respectively. After the maximum peak, the
emission rate of CO2 was found to decrease gradually while rates of N2O emission showed a dramatic
Agronomy 2020, 10, 502
7 of 21
decline following a rapid increase to peak production. Unlike CO2 and N2O, the rate of CH4 emission
kept increasing during our experiment.

Time since water addition (h)

(d)

Figure 1. Soil gases (a) CO2 , (b) N2 O, (c) CH4 efflux rates, and (d) the accumulative amount released
within 12 h after flooding. Dashed curves were all fitted by an allometric power equation. Error bars
indicate standard errors. x axes are displayed on a logarithmic time scale and the insets in (a–c) show
the same data from 15 min through 168 h after flooding presented on linear time scales.

Soil enzyme activities, β-Glucosidase, N-Acetyl-glucosaminidase, and acid phosphatase, increased
gradually at an early stage of flooding and reached a peak at 96 to 120 h, followed by a significant
decline (p < 0.05) over time (Figure 2). All three enzymes were clearly active (p < 0.05) within 4 h of
water addition, particularly for β-Glucosidase in which activity was enhanced immediately from about
0.17 to 4.72 nmol-MUB g−1 dry soil h−1 within 60 min after flooding. The maximum enzyme activities
of β-Glucosidase, N-Acetyl-glucosaminidase, and acid phosphatase at the fourth day were between 6
to 142 times higher than that of the initial ones, from 0.17, 0.73, and 46.15 to 23.53, 21.40, and 258.61
nmol-MUB g−1 dry soil h−1 , respectively. After that, a significant decline in enzyme activity was found
over time (p < 0.05). For example, N-Acetyl-glucosaminidase activity dramatically declined to 14.55
nmol-MUB g−1 dry soil h−1 at day 6, and subsequently further decreased to 7.47 nmol g−1 dry soil h−1
at day 7.

immediately from about 0.17 to 4.72 nmol-MUB g dry soil h within 60 min after flooding. The
maximum enzyme activities of β-Glucosidase, N-Acetyl-glucosaminidase, and acid phosphatase at
the fourth day were between 6 to 142 times higher than that of the initial ones, from 0.17, 0.73, and
46.15 to 23.53, 21.40, and 258.61 nmol-MUB g−1 dry soil h−1, respectively. After that, a significant
decline in enzyme activity was found over time (p < 0.05). For example, N-Acetyl-glucosaminidase
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dramatically declined to 14.55 nmol-MUB g−1 dry soil h−1 at day 6, and subsequently further
decreased to 7.47 nmol g−1 dry soil h−1 at day 7.
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sequences from each sample was randomly selected, representing a total of 8863 clusters (ZOTUs).
For the fungal sequence dataset, clean sequences ranging from 17,961 to 66,831 reads per sample
remained after filtering the assembled total of 4,024,906 reads, and we further randomly extracted
17,900 sequences from each sample, representing a total of 2351 clusters (ZOTUs). As microbial DNA
and RNA reflect different snapshots of the soil microbial community, here we try to contrast and
profile the bacterial and fungal communities on the basis of DNA (the total communities) and the
communities on the basis of RNA (the potentially active communities) after abrupt flooding over time.
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3.3.1. Bacterial Community
After flooding, changes in composition of both DNA- and RNA-based bacterial communities
After flooding, changes in composition of both DNA- and RNA-based bacterial communities
showed a similar trend (Figure 3a,b). The phyla Firmicutes, Proteobacteria, Actinobacteria,
showed a similar trend (Figure 3a,b). The phyla Firmicutes, Proteobacteria, Actinobacteria, and
and Planctomycetes were dominant overall in relative abundance both in total (DNA-based) and
Planctomycetes were dominant overall in relative abundance both in total (DNA-based) and
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Figure 3. Changes in composition of bacterial (a, b) and fungal (c, d) community from rRNA amplicon
Figure 3. Changes in composition of bacterial (a,b) and fungal (c,d) community from rRNA amplicon
analysis on the basis of DNA (a, c) and RNA (b, d). Colors in the stacked vertical bars correspond to
analysis on the basis of DNA (a,c) and RNA (b,d). Colors in the stacked vertical bars correspond to the
the phylum level classification of each taxon, with exception of Proteobacteria, Firmicutes, and
phylum level classification of each taxon, with exception of Proteobacteria, Firmicutes, and Ascomycota,
Ascomycota, which were classified to class level.
which were classified to class level.

From principal coordinates analysis, we found that both DNA- and RNA-based bacterial
community structures were detectably different over the time series on the first axis (PCoA1),
which separated significantly into two regions (0–24 h and 48–168 h after flooding) showing a gradual
effect of flooding time on the community composition (Figure 4a). The total and potentially active
bacterial communities split significantly on PCoA2, indicating that variation in bacterial community
structure over time may be more marked than differences caused by either DNA- or RNA-based
community analysis. Moreover, we found a generally gradual decline in α-diversity indices such
as richness (determined by observed ZOTUs) and Shannon indices (Table 1). In both the total and
potentially active bacterial communities, richness and Shannon indices decreased significantly at 8 and
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Moreover,
we found a generally gradual decline in α-diversity indices such as richness
(determined by observed ZOTUs) and Shannon indices (Table 1). In both the total and potentially
active bacterial communities, richness and Shannon indices decreased significantly at 8 and 12 h after
12 h after flooding, respectively, whereas bacterial evenness did not change significantly, except for
flooding, respectively, whereas bacterial evenness did not change significantly, except for a very
a very temporary decrease in the RNA-based community.
temporary decrease in the RNA-based community.
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Figure 4. Principal coordinates analysis (PCoA) of (a) the unweighted UniFrac pairwise dissimilarity
Figure 4. Principal coordinates analysis (PCoA) of (a) the unweighted UniFrac pairwise dissimilarity
of the relative abundance of bacterial sequences and (b) of the Bray-Curtis distance of the relative
of the relative abundance of bacterial sequences and (b) of the Bray-Curtis distance of the relative
abundance of fungal sequences. Difference between DNA- and RNA-based community was
abundance of fungal sequences. Difference between DNA- and RNA-based community was calculated
calculated by analysis of similarity (ANOSIM). Ellipses denote the samples from DNA- or RNA-based
by analysis of similarity (ANOSIM). Ellipses denote the samples from DNA- or RNA-based community
community at 95% confidence level.
at 95% confidence level.
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Time
Bacteria

DNA-Based
DNA-Based

RNA-Based
RNA-Based

Time
Richness
Evenness
Richness
ShannonShannon Evenness

Richness
Richness

0.25 h
0.25 h 4927
±
0.5 h
0.75 h±
0.5 h
4961
1h
0.75 h 4967
2h ±
4h
1h
4901
±
8h
12 h ±
2Bacteria
h
4923
24 h
4h
4889
48 h ±
72 h ±
8h
4541
96 h
12 h
3938
120 h±
144 h
24 h
3742
±
168 h

4927 ± 46 a
10.61 ± 0.02 a
0.996 ± 0.000 a
46 a4961 ±10.61
± 10.61
0.02 ±a 0.020.996
± 0.000 a
38 a
a
0.996 ± 0.000 a
18 a ± 10.65
a
0.996
± 0.000
38 a4967 ±10.61
0.02 ±a 0.010.996
± 0.000
aa
4901 ± 11 a
10.50 ± 0.04 a
0.996 ± 0.000 a
18 a4923 ±10.65
0.01 ±a 0.010.996
± 0.000
aa
20 a ± 10.54
a
0.996
± 0.000
4889 ± 27 a
10.5 ± 0.04 b
0.995 ± 0.000 a
11 a
10.50 ± 0.04 a 0.996 ± 0.000 a
4541 ± 19 b
9.54 ± 0.02 b
0.981 ± 0.000 a
84 c ± 0.01
7.97 ±a0.15 0.996
d
0.929
± 0.005
20 a3938 ±10.54
± 0.000
aa
3742 ± 25 cd
8.07 ± 0.05 d
0.962 ± 0.002 a
27 3491
a ± 67
10.5
± 0.000
aa
de ± 0.04
8.94 b
± 0.12 0.995
c
0.988
± 0.001
75 f ± 0.02
8.80 b
± 0.09 0.981
c
0.986
± 0.000
19 b3197 ±9.54
± 0.000
aa
3178 ± 64 f
8.85 ± 0.04 c
0.984 ± 0.000 a
84 c3234 ± 7.97
± 0.005
aa
62 ef ± 0.15
9.31 d
± 0.06 0.929
b
0.992
± 0.000
3408 ± 22 ef
9.29 ± 0.03 b
0.986 ± 0.000 a
25 cd
8.07 ± 0.05
d
0.9620.992
± 0.002
a
3324 ± 74 ef
9.41 ± 0.07 b
± 0.000 a

48 h

3491
± 0.001
a a 3104
± 11
88abfg
0.25 h± 67 de
365 ± 8.94
15 a ± 0.12
4.02 c± 0.43 0.988
a
0.784
± 0.064
209 ±

72 h

0.5 h ±
3197
0.75 h
3178
1h ±
2h
3234
4h ±
8h
12 h
24 h
48 h
72 h
96 h
120 h
144 h
168 h

96 h
120 h
Fungi

75
64
62

14 a
f349 ± 8.80
412 ± 8 a
f 386 ±8.85
6a
400 ± 38a
ef381 ± 9.31
28a
356 ± 48a
377 ± 23a
420 ± 30a
440 ± 20 a
397 ± 40 a
427 ± 40 a
320 ± 17 a
431 ± 10 a
320 ± 16 a

3.33c± 0.12a0.9860.689
± 0.04
± 0.09
± 0.000
aa
4.68 ± 0.28a

0.895 ± 0.031 a

± 0.04
± 0.000
aa
3.99c± 0.48a0.9840.809
± 0.044
±

4.58 ± 0.18a
0.901 ± 0.004 a
0.06
± 0.000
aa
4.28b± 0.38a0.9920.867
± 0.036
3.72 ± 0.41 a
0.765 ± 0.056 a
4.17 ± 0.27 a
0.85 ± 0.026 a
4.16 ± 0.45 a
0.809 ± 0.07 a
4.19 ± 0.18 a
0.806 ± 0.023 a
4.17 ± 0.47 a
0.814 ± 0.072 a
4.59 ± 0.23 a
0.887 ± 0.016 a
3.81 ± 0.26 a
0.795 ± 0.044 a
4.47 ± 0.27 a
0.874 ± 0.03 a
3.4 ± 0.29 a
0.704 ± 0.06 a

Shannon
Shannon

Evenness
Evenness

4357 ± 87 ab
9.34 ± 0.14 ab
0.977 ± 0.003 a
4357
± 87ab 9.08 9.34
± 0.14 ab
0.977 ± 0.003 a
4246 ± 115 ab
± 0.18 abc 0.972 ± 0.004 a
4242 ±± 115
70 abab 9.17 9.08
± 0.13±abc
a ± 0.004 a
4246
0.18 0.975
abc ± 0.002
0.972
4294 ± 33 ab
9.22 ± 0.07 abc 0.975 ± 0.002 a
4242
± 0.13
abc ± 0.001
0.975
4433±±70
36 ab
a
9.469.17
± 0.05
a
0.981
a ± 0.002 a
4037 ± 22 abcd 8.83 ± 0.07 bcd 0.971 ± 0.003 a
4294 ± 33 ab
9.22 ± 0.07 abc
0.975 ± 0.002 a
4006 ± 24 bcd
8.73 ± 0.03 cd
0.973 ± 0.001 a
3864 ±
8.349.46
± 0.11± de
a ± 0.001 a
4433
± 57
36bcd
a
0.05 0.964
a ± 0.002
0.981
3743 ± 41 de
7.86 ± 0.11 ef
0.94 ± 0.009 b
4037
abcd 7.068.83
± 0.07
bcd ± 0.006
0.971
3104±± 22
88 fg
± 0.11
g
0.924
b ± 0.003 a
2798 ±± 24
169bcd
g
7.588.73
± 0.19
a ± 0.001 a
4006
± fg
0.03 0.966
cd ± 0.003
0.973
3108 ± 6f g
8.34 ± 0.02 de
0.976 ± 0.000 a
3864
bcd 8.458.34
± 0.11
de ± 0.002
0.964
3143±± 57
62 fg
± 0.10
d
0.976
a ± 0.002 a
3256 ± 80 f
8.71 ± 0.04 cd
0.974 ± 0.000 a
3743
± 41 de 8.84 7.86
± 0.11 ef
0.94 ± 0.009 b
3366 ± 137 ef
± 0.10 bcd 0.977 ± 0.001 a
228 ±
ab g
2798
± 46
169
202 ± 25 ab
3108
± 10
6f ab
g
228 ±
233 ± 32 ab
3143
183 ±± 62
9 abfg
214 ± 39 ab
252 ± 34 a
204 ± 35 ab
143 ± 13 ab
136 ± 6 ab
162 ± 50 ab
114 ± 28 ab
88 ± 26 b
116 ± 44 b

± 0.11
g ± 0.007
0.924
4.947.06
± 0.07
a
0.925
a
4.797.58
± 0.73
a
0.875
±
0.065
a
± 0.19 fg
0.966
4.22 ± 0.93 a
0.812 ± 0.122 a
± 0.02
de
0.976
4.018.34
± 0.42
a
0.8 ± 0.066
a
4.81 ± 0.35 a
0.897 ± 0.027 a
± 0.10
d ± 0.121
0.976
4.058.45
± 0.77
a
0.787
a
3.70 ± 0.77 a
0.802 ± 0.083 a
4.42 ± 0.91 a
0.791 ± 0.139 a
5 ± 0.32 a
0.909 ± 0.029 a
4.3 ± 0.57 a
0.811 ± 0.066 a
4.35 ± 1.049 a
0.812 ± 0.136 a
3.21 ± 0.87 a
0.636 ± 0.174 a
4.45 ± 0.79 a
0.824 ± 0.068 a
3.24 ± 0.47 a
0.708 ± 0.089 a
3.01 ± 0.21 a
0.673 ± 0.043 a

Different letters in the same column represent significant difference (p < 0.05) across time.

± 0.006 b
± 0.003 a
± 0.000 a
± 0.002 a
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3.3.2. Fungal Community
Both compositions of the total (DNA-based) and potentially active (RNA-based) fungal
communities were dominated in relative abundance by the Ascomycota phylum, which primarily
consisted of Dothideomycetes, Sordariomycetes, and Leotiomycetes at the class level (Figure 3c,d).
Respectively, Leotiomycetes and Sordariomycetes increased and decreased significantly after flooding,
especially in the potentially active community. In the total fungal community, the relative abundances
of Mortierellomycota were found to increase and decrease gradually over time, while there were no
significant changes in the potentially active community. We found more variation in RNA-based rather
than in DNA-based fungal community structure over time and the total and potentially active fungal
communities were significantly separated, in spite of some overlap (Figure 4 b). As with the bacterial
community, α-diversity indices of the RNA-based fungal community were found to decrease gradually
over time, though this was mainly not significant. All remained unchanged in the DNA-based fungal
community (Table 1).
3.4. Relationship Between Microbial Activity and Community Structure
Statistically significant correlations were found between microbial activity, determined by soil
microbial respiration or enzyme activity, and changes in community structure after flooding (Figure 5).
The cumulative amount of CO2 released after flooding was positively and significantly correlated with
the magnitude of flooding-time-related change in structure of not only the DNA-based but also the
RNA-based microbial communities. Moreover, the change in structure of the DNA-based bacterial
community showed a statistically stronger positive correlation with the cumulative amount of CO2
released than that of fungal community (Figure 5a,c), but the correlation was weaker and less significant
with the RNA-based community (Figure 5b,d). Compared with accumulative CO2 emission after
flooding, soil enzyme activity displayed a slightly weaker correlation with the flooding-time-related
change of structure in the total bacterial and fungal communities (Figure 5e,g). However, there was
no significant correlation between soil enzyme activity and changes in both bacterial and fungal
RNA-based community structure (Figure 5f,h). These correlation analyses suggest that overall the
bacterial community tends to be more responsible than the fungal community for the enhanced
microbial activity following flooding.
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3.5. Response Trajectory of the Microbial Community to Flooding
To evaluate the microbial response and change in community as a function of time, we filtered
To evaluate the microbial response and change in community as a function of time, we filtered
taxa to include those whose relative abundance was greater than 0.1% and 0.5% for the bacterial and
taxa to include those whose relative abundance was greater than 0.1% and 0.5% for the bacterial and
fungal communities at the genera level, respectively. A heatmap was used to display the change in
fungal communities at the genera level, respectively. A heatmap was used to display the change in
relative abundance of microbial taxa over time after flooding. This revealed that the bacterial taxa
relative abundance of microbial taxa over time after flooding. This revealed that the bacterial taxa
exhibited distinct response trajectories both in the total and potentially active communities (Figure 6),
exhibited distinct response trajectories both in the total and potentially active communities (Figure
whereas the fungal taxa were divided into two groups in DNA-based fungal community overall (a)
6), whereas the fungal taxa were divided into two groups in DNA-based fungal community overall
but not in RNA-based community (Figure 7). For bacterial community, a similar distribution pattern
(a) but not in RNA-based community (Figure 7). For bacterial community, a similar distribution
of the relative abundance of total and potentially active bacterial taxa was observed over the time
pattern of the relative abundance of total and potentially active bacterial taxa was observed over the
series, which we classified into three primary response patterns. Some taxa such as Acidobacteria
time series, which we classified into three primary response patterns. Some taxa such as Acidobacteria
and Chloroflexi displayed their highest relative activity at the outset (between 0.25 h and 8 h after
and Chloroflexi displayed their highest relative activity at the outset (between 0.25 h and 8 h after
flooding), which we referred to as ‘rapid’ responders; taxa such as the Bacilli and Clostridia classes
flooding), which we referred to as ‘rapid’ responders; taxa such as the Bacilli and Clostridia classes
displayed an intermediately temporal response (between 8 h and 48 h), assigned as ‘intermediate’
displayed an intermediately temporal response (between 8 h and 48 h), assigned as ‘intermediate’
responders; other taxa, including some Clostridia, that increased their relative abundance after 48 h
responders; other taxa, including some Clostridia, that increased their relative abundance after 48 h
after wet-up, were referred to as ‘delayed’ responders; and still others with no significant change
after wet-up, were referred to as ‘delayed’ responders; and still others with no significant change in
in relative abundance over time were not assigned (Table S1). For DNA- and RNA-based fungal
relative abundance over time were not assigned (Table S1). For DNA- and RNA-based fungal
community, we found two fungal groups dominated overall at the early and later stages after flooding,
community, we found two fungal groups dominated overall at the early and later stages after
respectively, with the same classes such as Leotiomycetes and Sordariomycetes but different genera.
flooding, respectively, with the same classes such as Leotiomycetes and Sordariomycetes but different
The fungal community appeared to shift from the first group into the second one at 24 after flooding.
genera. The fungal community appeared to shift from the first group into the second one at 24 after
flooding.
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extent a community is shaped by environmental filtering (life strategy is clustered by phylogeny) or
competitive interactions (life strategy is phylogenetically evenly distributed) [43]. The results showed
that the patterns of bacterial response to flooding were generally phylogenetically clustered in either the
total or potentially active community. Taxa classified as rapid or intermediate in the total community
showed high clustering, while those classified as delayed were over-dispersed. In the potentially active
community, taxa with intermediate and delayed patterns exhibited clustering, while those from the
rapid pattern were over-dispersed (Table S2, clustering when NRI > 0, NTI > 0; overdispersion when
NRI < 0, NTI < 0).
The results of similarity percentage (SIMPER) analysis between the adjacent response patterns
(Rapid-Intermediate and Intermediate-Delayed) revealed that the order Bacillales made the most
contribution to the overall Unifrac dissimilarity among the distinct responses of bacterial community
over time, contributing to 18.0% (Rapid-Intermediate) and 21.7% (Intermediate-Delayed), and 34.9%
(Rapid-Intermediate) and 17.4% (Intermediate-Delayed) in DNA- and RNA-based communities,
respectively (Figure S1). This indicates that Bacillales, which belongs to the Firmicutes phylum, probably
played a potentially critical role in assembly of the soil bacterial community upon flooding. Overall,
Firmicutes was the phyla that contributed the most to variation in bacterial community whether in
the total or the potentially active community and gradually dominated in relative abundance after
flooding, even though some taxa such as Bacilli only dominated in the intermediate pattern and faded
away later. In contrast, some phyla, such as Proteobacteria, made a small contribution in spite of their
high relative abundance in soils.
4. Discussion
4.1. Sources of CO2 and N2 O
Our findings that flooding of dry soil resulted in a rapid CO2 and N2 O pulse are consistent
with results from numerous previous studies [18,44]. The sharp water potential increase that occurs
with flooding may induce microbial cell lysis or the active efflux of intracellular solutes accumulated
during drought [10]. This flush of microbial biomass carbon has been suggested to be a significant
carbon source for microbial respiration, besides the rewetting-caused changes in soil physicochemical
characteristics such as organic matter release from aggregate fracturing and the enhanced abilities of
substrates to diffuse [45] are favorable for survivors to resume metabolic activity. The rate of CO2
production declined, probably due to the restraining of microbial activity by the suppression of the
oxygen (O2 ) supply, resulting from the long-term flooding [46]. It is possible that non-biological sources
of soil CO2 and N2 O upon rewetting, such as gases displaced from soil pores and water-mediated
chemical reactions, might have contributed to the amounts of CO2 and N2 O released soon after
flooding. However, non-biological sources of soil CO2 are expected to be marginal, not only due to
the low carbonate content (soil pH 5.6) in our soil [47] but also the observed hours of lag without
immediate production of CO2 after flooding. Moreover, a significantly strong correlation between
changes in structure of the microbial community and the accumulative CO2 emission during flooding
further indicates that CO2 comes from microbial metabolism. For N2 O efflux, however, both abiotic
and biotic processes may be responsible for soil N2 O production during flooding [44], since we found
an immediate N2 O pulse at the early stage of rewetting and a dramatically declined production rate
over time. Abiotic reactions together with biotic processes may trigger soil N2 O pulses in the wake of
rewetting by the reaction between hydroxylamine (NH2 OH) with nitrite (NO2 − ) [48]. The decreasing
nitrogen-turnover enzyme N-Acetyl-glucosaminidase activity after the peak value further verified the
possibility of biotic processes such as exhaustive denitrification in an anaerobic environment [49].
4.2. Differences Between DNA- and RNA-Based Microbial Communities
We observed a significant difference between DNA- and RNA-based community structures and
they showed slightly different sensitivity to abrupt soil water recovery over the time series. A previous
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study suggested that the potentially active (RNA-based) microbial members are more sensitive and
responsive than the total (DNA-based) microbial members to soil water recovery [10], as RNA is more
responsive to changing environmental conditions [50]. However, our results did not show a more
responsive characteristic of RNA such that no significant differences in both DNA- and RNA-based
total quantity of bacterial 16s and fungal ITS abundance were found at the first 48 h after flooding.
This was supported by the possibility that changes in relative abundance of microbial rRNA were likely
caused by increases in the rRNA of some taxa and decreases among other taxa, ultimately reflecting
a function of microbial regulation, starvation, death, and growth [6]. Therefore, no detectable change
in bacterial total abundance or microbial biomass suggested that although some taxa died, others
grew by using available carbon from the dead microbes, resulting in reallocation of resources between
microbial response groups.
In addition, changes in structure of the DNA-based community was more responsible than that
of the RNA-based community for microbial resuscitation in our flooding experiment, since a closer
correlation between DNA-based community and microbial activity (respiration and enzyme activity)
was detected. This indicates the limitations of the use of rRNA as an indicator of metabolic state in
microbial assemblages and the necessity of prudent selection of evaluation methods for microbial
community and activity in different soil ecosystems [23]. RNA, most of which is rRNA (82%–90%),
may be produced rapidly in actively growing cells when conditions return to favorable conditions for
microbial metabolism but can be quickly degraded as well [6,23]. A sharp increase of water potential
caused by flooding of dry soil enhances molecular diffusion such as RNA-degrading enzymes and
degradation-promoting factors, which could result in fast decomposition of RNA [23,51]. Therefore,
changes in structure of the RNA-based community appeared to be more variable and unpredictable
than that of the DNA-based community, which is more reliable and responsive to abrupt flooding
events, though the richness and Shannon index of the RNA-based bacterial community respond
significantly earlier after flooding. Additionally, the accumulative amount of CO2 released might be
a better indicator of soil microbial activity than soil enzyme activity due its closer correlation with
change in microbial community structure. Links to enzyme activity were weak but still significant for
the DNA-based community.
4.3. Difference Between Bacterial and Fungal Community-level Response
The soil bacterial community was more sensitive than the fungal community to flooding at the
early stage as expected, which is consistent with the generally higher resistance to dry periods of fungi
compared with bacteria [18,52]. Although we did not detect significant differences in bacterial 16s
rRNA and fungal ITS abundance at the first 48 h after flooding, an earlier decline of bacterial 16s rRNA
abundance indicated the sequential responses of bacterial community to water change (Figure S2,
bacteria at 48 h, fungi at 120 h after flooding in the potentially active community, respectively).
After flooding of dry soil, neither the total nor the potentially active fungal communities showed
distinct changes over time at the phylum or class level, displaying a marked resistance to abrupt changes
in water availability. Therefore, we did not expect most fungi to develop or be resuscitated successively
in relative abundance after flooding since it is known that fungi are tolerant to moisture fluctuation
resulting from their morphological life form with thick cell walls and well-developed hyphae, making
them less dependent than bacteria on water film continuity to access nutrients [52,53]. However,
we found a slightly changing trend of fungal community over time in our flooding experiment,
given that oxygen concentration was revealed to decrease from 140 µM at the floodwater–soil interface
to 0 µM detectably at a depth of approximately 2 mm and below with 7-days incubation [54,55]. Thus,
flooding definitely leads to anaerobiosis, which is unfavorable for most fungi in our flooding experiment
(with a 15-mm aqueous layer in our study) [19], since most fungi are aerobic and anaerobic bacteria
such as Clostridia groups gradually increased in relative abundance in the late period of flooding.
The contrasting responses and community succession of bacteria and fungi to abrupt flooding
potentially supports the ecological distinction of fungi and bacteria, which indicates their occupation
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of different water- or oxygen-related niches [10,36,54,56]. This is consistent with the recent study that
fungi and bacteria show global niche differentiation, which is associated with contrasting diversity
responses to precipitation and soil pH [57]. Niche partitioning exists not only between bacterial and
fungal groups but also among taxa within the bacterial group, which was revealed by the different
bacterial sequential resuscitation strategies according to the changes in relative abundance of bacterial
genera over time in our flooding experiment.
4.4. Potential Role of Bacilli in the Trajectory of the Bacterial Community
In the present study, we classified bacterial response strategies into three primary patterns: rapid,
intermediate, and delayed, according to changes in the relative abundance of genera (>0.1%) over time.
Taxa within these patterns may play distinct roles, physiologically, metabolically, and/or ecologically
in the soil ecosystem [6], reflecting distinct niches that were related to water- or oxygen-involving
promotion of carbon availability over the course of wet-up and accumulation of soil organic matter in the
ongoing flooded condition. Firstly, taxa in the rapid pattern, which respond rapidly and survived the
shock to flooding, were considered to resist low moisture and may also reflect a strategy of preparedness.
They were surmised to have relatively more ribosomes before water addition than either intermediate
or delayed responders and maintained their relative ribosomal abundance soon after wet-up [6].
For example, Actinobacteria, which are Gram-positive and have high-G+C content with tolerance to
environmental stress, had a high abundance of ribosomes before and soon after wet-up to synthesize
protein rapidly and produce extracellular enzymes capable of hydrolyzing complex polymers [6],
so that they could survive in challenging drought and access substrate easily after wet-up without
producing new ribosomes [6,58]. This is consistent with our results that Actinobacteria dominated
in relative abundance at the early stage of flooding and were assigned to the rapid pattern when
based on the potentially active (RNA-based) community. However, most Actinobacteria were found
belonging to the delayed pattern in the total (DNA-based) community, which was possibly explained by
a competitive disadvantage during the early hours of rewetting [10]. Secondly, intermediate responders,
both in the total and the potentially active community, were generally Firmicutes, a phylum well
known for their ability to produce a highly resistant endospores produced in stressful environment [59].
When transferred to favorable conditions such as rewetting from drought, spores could synthesize
RNA quickly to recover and grow, then increase in relative abundance. Our results are consistent with
those of Placella et al. [6] who found that the activity of Bacilli (belonging to the Firmicutes phylum)
increased from 3 to 24 h, a timeframe that would have been sufficient for spore outgrowth after
wet-up. Bacilli are known to produce hydrolytic enzymes that break up intermediate-sized polymers
into monomers, which is important for their utilization by other microbes [60]. Therefore, timing
of recovery may reflect microbial resource use and the intermediate responders may play crucial
roles. Taxa that increased their relative abundance after 48 h flooding experiment were classified into
the delayed patterns as delayed responders. They mainly consist of members of the Proteobacteria,
Planctomycetes, Actinobacteria, and Firmicutes in the DNA-based community and Firmicutes in the
RNA-based community. Although patterns that the identical phyla belong to were somewhat different,
it is possible that RNA as a tracer of the potentially active state of microorganisms is more variable,
caused by their fast decomposition in soil, while DNA is more stable and universally present in both
active and inactive microorganisms [50]. Also, in our flooding experiment, some taxa may have
responded earlier to flooding but without reproduction and then been displaced due to competition,
revealing that slow growers can be rapid responders whereas fast growers may require more time to
recover their metabolic function [6], potentially reflecting a tradeoff between microbial investments of
source and energy [7].
The clear microbial responses to flooding over time were classified into three primary patterns based
on changes in the relative abundance of taxa at the genera level following flooding. Changes in relative
abundance potentially integrates soil microbial population growth, death, survival, and reproduction
over a period of time [16]. Our results showed that Bacillales, the order within the class Bacilli,
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overwhelmingly dominated in relative abundance in the intermediate pattern (8–48 h) and were largely
responsible for differences in microbial response to flooding, although the detected richness of the
community that responded intermediately was less than that of results from the study of Placella et
al. [6]. The lesser community richness in the intermediate pattern may depend on, not only the different
soil with distinct properties and indigenous microorganisms, but also on the eventual water conditions,
since abrupt flooding of dry soil in our experiment may delay and impede the growth of taxa which
should have grown intermediately under favorable moisture conditions, such as some other species of
Firmicutes [59]. This indicates the potential effects of Bacilli, the intermediate responder, on ultimate
microbial ecology and soil ecosystem functioning due to their particular ecological function such as
the production of hydrolytic enzymes breaking intermediate-sized polymers into monomers [6].
Further, we found significant phylogenetic clustering of taxa assigned to the intermediate pattern
on basis of the total and potentially active bacterial community, while phylogenetic relatedness of
taxa in the rapid and delayed patterns was not significantly different from the null model overall,
suggesting the predominance of deterministic and stochastic processes in the intermediate pattern and
the other two patterns, respectively [61]. Taxa in the intermediate pattern were primarily Firmicutes
and highly conserved in the phylogenetic grouping, which was consistent with previous studies
showing phylogenetic coherence of microbial ecological strategy by microorganisms in response to
soil wet-up. A range of phylogenetic conservatism exists, not only in the community responding
to moisture changes, but also for other particular ecological traits [62,63]. For example, Wang et al.
(2017) suggested that the diazotrophic community tended to be phylogenetically clustered across
the pH gradient in alpine meadow and that deterministic processes were dominant in diazotrophic
community structuring [63]. Thus, microbial strategies for responding to abrupt flooding likely require
coordinated functioning of multiple physiological traits and some taxa such as Bacillales may be crucial
for microbial assembling processes.
5. Conclusions
Altogether, our results showed that changes in structure of the bacterial community after flooding
parallel the changing characteristics of microbial activity that is more significantly indicated by the
accumulative amount of CO2 released than by enzyme activity over time. The bacterial community
tended to be more responsive than the fungal community to flooding and their responses are classified
into three distinct patterns over the time series, in which taxa are generally phylogenetically clustered,
particularly during the intermediate pattern dominated by the order Bacilli. A transient flourish
of Bacilli in the trajectory of microbial community response to abrupt flooding plays a potentially
important role in the microbial assemblage and ecosystem functions. Additionally, our work also
suggests that deterministic and stochastic processes may drive water-mediated microbial community
assembly and a stronger role of stochastic factors was potentially dominant in events of unpredictably
acute perturbation such as abrupt flooding. Thus, our study is thought-provoking about microbial
assembly processes facing an abrupt increase in soil water potential. Future work should further
explore the responses of soil microbial functioning to abrupt flooding in relation to shifts in microbial
composition to provide insights into the prediction of impacts on ecosystem functioning in the face of
global change.
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