future internet
Concept Paper

RE-examining the Effect of Online Social Support on
Subjective Well-Being: The Moderating Role
of Experience
Meng-Hsiang Hsu 1 , Chun-Ming Chang 2 and Shing-Ling Wu 3, *
1
2
3

*

Department of Information Management, National Kaohsiung University of Science and Technology,
Kaohsiung 82445, Taiwan; mhhsu@nkust.edu.tw
Department of International Business, Ming Chuan University, Taipei 11103, Taiwan;
chunming@mail.mcu.edu.tw
College of Management, National Kaohsiung University of Science and Technology,
Kaohsiung 82445, Taiwan
Correspondence: siny.wu@gmail.com



Received: 22 April 2020; Accepted: 9 May 2020; Published: 15 May 2020

Abstract: Building upon the perspectives of social capital theory, social support, and experience,
this study developed a theoretical model to investigate the determinants of subjective well-being
on social media. This study also examined the moderating role of experience on the relationship
between subjective well-being and social support. Data collected from 267 social media users in
Taiwan were used to test the proposed model. Structural equation modeling analysis was used to test
the measurement model and the structural model. The findings reveal that receiving online support
and providing online support are the key predictors of subjective well-being. Furthermore, social
capital positively influences the reception and provision of online support. Finally, providing online
support has a significant effect on the subjective well-being of users with low levels of use experience,
while receiving online support exerts a stronger influence on the subjective well-being of users with
high levels of use experience.
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1. Introduction
With increasing popularity, social media (e.g., virtual communities, weblogs, wiki, and social
networking sites) has become a useful channel for socializing [1–3]. It enables people to create and
maintain their social networks regardless of the limitation of geographic location [4,5]. People build
their online social networks to satisfy their needs for social support [1]. Online social support could
help social media users to solve their problems, effectively manage stress, and mitigate the impact of
negative life events [6]. As such, the proper use of social media can enhance users’ quality of life and
facilitate subjective well-being [1,7].
Subjective well-being is a key factor that maintains users’ continuance intention toward information
technologies, including social media [8]. Understanding the effect of social media use on subjective
well-being has become increasingly critical in information systems (IS) research. Existing studies have
examined the link between social capital and subjective well-being [7,8], as well as the influence of
receiving social support on one’s quality of life [9]. These studies have provided valuable insights
into the nature of social capital; close connections with others allows users to obtain information and
support from others [7,10]. Furthermore, receiving online support from others may facilitate one’s
subjective well-being [7]. In this sense, social support may mediate the relationship between social
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capital and subjective well-being. However, only a few studies have explored the relationships among
social capital, online social support, and subjective well-being on social media.
Online support generally involves two distinct types of activity: seeking online support and
providing online support [11]. Little attention has been paid to the effects of various types of online
social support on users’ perceptions of well-being. In addition, the perception of well-being derived
from social media use reflects one’s subjective evaluations of his/her cognition and perception of social
media use at a static point [7,12]. In fact, an individual’s cognition and perception may change when
his/her experience of information technology usage increases over time [13]. Therefore, the influence
of online support activities on subjective well-being may vary as one’s use experience increases. To the
best of our knowledge, few studies have been carried out to explore the moderating role of experience
on the link between subjective well-being and online social support.
To address this research gap, we developed a research model by integrating the perspectives
of social capital theory, social support, and experience. Based on the assertions of previous the
literature [11,14], we hypothesize that social support on social media can be divided into two different
types: receiving online support and providing online support. We then argue that the two types of
social support can enhance subjective well-being, based on the previous literature on social support
(e.g., [11,15,16]). We also propose that social capital impacts these two types of social support, based
on the standpoint of [14], that people with higher levels of social relationship are more likely to get
help from others and help others in a social unit. Additionally, we employ experience as a moderator
in the model. We propose that providing online support exerts a stronger effect on the subjective
well-being of users with less experience, while receiving online support will have a greater impact on
the subjective well-being of users with more experience.
This study contributes to social media research in two ways. First, we demonstrate that social
capital does increase the development of online support activities, which in turn enhances users’
subjective well-being. Second, by applying the viewpoint of experience, we further illustrate how
experience of social media usage impacts the relationship between social support and subjective
well-being. This paper is organized as follows. The next section reviews the literature relevant to social
capital theory, social support, subjective well-being, and experience. Then, we discuss the developed
research model and propose relevant research hypotheses. In the third and fourth sections, we describe
the research methodology and present our data analyses results. In the fifth section, we discuss
the research findings, the theoretical contributions, the practical implications, and the limitations of
the study.
2. Theoretical Background and Hypotheses
2.1. Subjective Well-Being and Social Media
Well-being is a subjective and related concept that represents one’s positive self-appraisal
about his/her life at a point or period [7,12,17]. Self-appraisal includes one’s emotional reactions,
moods, judgements about their life satisfaction, and fulfillment [12]. In this sense, previous studies
consider well-being as the contentment, satisfaction, or happiness derived from optimal psychological
functioning [17,18]. On the other hand, some researchers suggest that well-being reflects one’s sense
of pleasure and accomplishment value based on one’s overall evaluation of one’s quality of life [19].
Karademas (2007) [20] also postulates that well-being represents one’s positive mood, negative mood,
and life satisfaction. Since previous the literature [7,8] argues that communication technologies such as
social media can enhance users’ life quality and subjective well-being, in this study, we use the term
“subjective well-being” to measure one’s feelings and consciousness about social media use, such as
pleasure perception, life satisfaction, and positive affective reactions.
According to the expectancy theory of motivation [21], an individual’s behavior could be motivated
by the desirability of the outcomes [22]. Subjective well-being has been defined as the expected benefits
that could motivate members to continue using social media [8]. Given that continued use determines
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the success of information technologies [13], such as social media, it is important to understand what
can facilitate subjective well-being on social media. In fact, researchers have begun to explore the
antecedents of subjective well-being. For example, [7] have found that social integration, social bonding,
and social bridging are the antecedents of subjective well-being. Furthermore, [8] have reported that
structural capital, relational capital, and cognitive capital are the predictors of subjective well-being.
Although previous studies [7,8] have demonstrated that social capital plays an important role
in shaping subjective well-being, the factors affecting subjective well-being must be further clarified,
because there are unexamined factors that may affect subjective well-being. Generally speaking,
social media provides an attractive space for people to get or offer help [23]. Previous literature
argues that receiving social support is a vital factor that determines subjective well-being in an
organization [11,16,24]. However, it is unclear whether providing support to others in an online setting
facilitates subjective well-being. In addition, researchers consider that the interpersonal relationships
in a social unit will impact users’ online support-seeking and online support-providing behaviors [14].
Based on the above arguments, we recognize that interpersonal relationships affect receiving and
providing online support, which in turn impacts subjective well-being. However, such relationships
among interpersonal relationships, social support, and subjective well-being have received little
attention from researchers. Therefore, in this study, we aimed to examine the links among social capital,
social-support activities, and subjective well-being.
In addition, subject well-being is the scientific analysis of how an individual evaluates his/her life
at a specific moment or period, as mentioned earlier. This implies that one’s perception of well-being
may be different during various periods, since the relationships between subjective well-being and its
antecedents may change as online contacts increase over time. However, such potential exchanges in
the relationships between subjective well-being and its antecedents have been overlooked by previous
studies. To fill this knowledge gap, this study aimed to examine the influence of experience on the
relationship between online support activities and subjective well-being.
2.2. Social-Support Activities and Subjective Well-Being
Social support refers to the resources provided by others in a social group [15,25]. Researchers
also define social support as one’s perception of being cared for, being responded to, and being helped
by others in his/her social group [1,26,27]. By synthesizing these definitions, we recognize that social
support involves resource exchange (e.g., tangible and intangible resources) between at least two
persons in a social group [11,28].
The previous literature argues that people need emotional, informational, and tangible support to
help them overcome stress [1,29]. Informational support refers to providing knowledge to solve others’
problems, while emotional support refers to expressing one’s concerns (e.g., caring and empathy)
that could be indirectly helpful for others to solve problems [1]. On the other hand, tangible support
refers to providing tangible goods or services for solving others’ problems [1]. In the social media
context, users usually need others’ knowledge, experiences, and recommendations to help them to
solve their problems [1]. They also need emotional support and encouragement to help them to
deal with physical/mental problems and to cope with the stress of life changes [23]. Users may seek
instrumental aid to solve their problems, as well [11]. Therefore, in this study, we considered that
social support reflects the activities through which resources (e.g., information, emotional concerns,
and tangible goods) will be delivered by supporters to those in need.
In addition, the success of social network services (SNSs) depends largely on intensive interaction
among users, including seeking support and offering support [11]. Based on the nature of social
support, social support in a social unit usually involves two different types of activities: receiving
support and providing support [11,14]. In this study, we further focus on the two types of social
support to reflect an individual’s perception about how much help and support he/she can receive
from others and the extent of an individual’s involvement in providing help and support to others on
social media.
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In this study, social-support activities were expected to positively impact subjective well-being.
The previous literature suggests that one of the major motivations for people to use social media is
to get help and receive emotional support [1]. Receiving helpful social support in a social unit has
been considered a vital predictor of subjective well-being [7], since social support is a coping resource
that helps people overcome stress and provides necessary resources for resolving a problem [16].
Moreover, [1] argue that receiving support from others brings warmth to people’s hearts and helps fulfill
their social needs; thus, an individual’s perception of well-being can be enhanced. By synthesizing
the above arguments, we propose that receiving online support from others positively impacts
subjective well-being.
Hypothesis 1 (H1). Receiving online support is positively related to subjective well-being.
Users of social media tend to help others or respond to other’s needs, because they expect to
receive important rewards [23]. For example, [30] found that users of a virtual community will
help others if they feel that contributing helpful knowledge to others can enhance their professional
reputations or make them feel good (i.e., enjoy helping). [31,32] posit that self-development, altruism,
and enjoyment are important factors determining users’ content-contribution behavior in virtual
communities. According to the uses and gratifications theory, people will seek gratification through
technology use based on their needs [31]. In this sense, users who help others on social media may feel
satisfied when they receive the expected rewards. The previous literature further argues that fulfilling
human needs and the satisfaction of achieving goals are the basic tenets of subjective well-being [17].
Accordingly, we may expect that providing online support facilitates a user’s subjective well-being.
Hypothesis 2 (H2). Providing online support is positively related to subjective well-being.
2.3. Social Capital and Social-Support Activities
Social capital refers to a set of actual and potential resources rooted in the relationships of an
individual in a social unit [10]. On the other hand, researchers posit that social capital represents an
environment of trust and shared resources of networks based on the social associations established
in a voluntary manner [33,34]. As such, social capital has been considered a vital factor that can
drive people to engage in social exchange behaviors (e.g., knowledge contribution) [35]. Previous
literature has found that people with more social relationships will be more likely to provide support
in the context of social media [36]. Therefore, this study considered social capital as a factor that may
determine individuals’ social-support activities.
Social capital is a complex construct that can be classified into different dimensions [10,37,38].
In general, three key aspects can be used to represent social capital: identification, trust, and
norms [10,35]. Identification occurs when individuals see themselves as being grouped with others
in a social unit [38]. while trust is defined as one party’s willingness to be vulnerable to the actions
of another [6]. Norms, on the other hand, refer to the norms that facilitate an individual’s behavior
(e.g., knowledge sharing) in an organization [35]. In the context of social media, providing and
receiving support are voluntary; therefore, norms may not be the major antecedent that determines
users’ social-support activities. The previous literature also agrees that social capital exists when people
in a social unit experience strong identification and trust [30,38]. Therefore, identification and trust can
be recognized as the key dimensions of social capital. Furthermore, researchers have argued that a
higher-order construct can be employed to provide a more coherent description of the multiple facets
of a complex phenomenon [39,40]. The previous literature has used second-order models to examine
the influence of social capital on an individual’s behavior, as well (e.g., [41]). Thus, we conceptualize
social capital as a second-order construct that includes the dimensions of identification and trust.
Social capital theory suggests that relationships embedded in a network create greater access
to resources [42]. Thus, benefits could be extracted from these social relationships. The aspect of
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social capital has been used to explain various pro-social behaviors, such as knowledge sharing
(e.g. [6,43]) and offering social support [11]. Previous literature suggests that identification is essential
in facilitating resource exchange in online settings (e.g., [8,11,44]. Strong identification will enable
users to be concerned with the outcome of a social unit rather than their own efforts and losses [35].
Users in a social unit may display altruistic behaviors [11,45] and act in the best interest of users in the
social unit [11,45,46]. Therefore, it is expected that users with strong identification will be more likely
to engage in social-support activities.
In addition, trust is also crucial for motivating people to engage in cooperative
interactions [10,44,46,47] especially in an environment without workable rules to ensure others
will behave in a socially acceptable manner [5], such as social media. The previous literature has also
provided empirical evidence to support the effect of trust on getting help and giving help in the online
context [4]. Based on the above arguments, we expect social capital to have a significant impact on
online support activities.
Hypothesis 3 (H3). Social capital is positively related to receiving online support.
Hypothesis 4 (H4). Social capital is positively related to providing online support.
2.4. The Moderating Role of Experience
Experience is a critical factor that has an important influence on some key constructs and
relationships (e.g., [48,49]), because experience increases one’s understanding about the actual
performance of a service or an information technology [13]. According to the self-perception
theory [13,50], an individual will adjust his/her perceptions by observing the outcome of focal
behavior, and the adjusted perceptions will impact subsequent behaviors. Researchers also find that
social support will be facilitated when one’s online contacts increase over time [25,51]. Accordingly,
we propose that the influence of online support on subjective well-being may change as experience
increases over time.
According to [25], the size of a social network in an online setting is related to one’s perception of
social support and thus affects his/her perception of well-being. This implies that users may not obtain
sufficient help and support from others, as a result of being in a small-sized social network and having
weak online social ties at the beginning of social media usage. In addition, from the viewpoint of the
social exchange theory [52], helping others and responding to others’ needs in the online context could
be considered a social investment [23], as people expect that they could receive help from others in the
future [35,53]. This means that helping others is particularly important for users with low levels of
experience, because it will allow them to increase self-identity and thus increase social interactions
with others, to receive help from others in the future. Based on the aforementioned arguments, we
recognize that users with low levels of experience will be more likely to be involved in providing online
support activities than those with high levels of experience. Hence, we propose that providing support
to others will cause higher-level perceptions of well-being for users with low levels of experience.
Hypothesis 5 (H5). The link between receiving online support and subjective well-being will be stronger for
users with high levels of experience than that for users with low levels of experience.
As the density of social relationships increases through interactions over time, users will have a
better understanding of each other and thus promote the development of shared values and shared
identities [54]. At this stage, people will also make emotional investments in relationships among
members and express genuine care and concern for the welfare of others [55,56]. A high social network
density at this stage may enable people to appreciate others’ desires [55] and trigger more effective and
value-adding resource exchanges among users [54]. Accordingly, users with high levels of experience
may acquire more valuable resources and better emotional support from others than those with low
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levels of experience. Receiving more valuable resources and support may lead to higher levels of
perception of well-being. Therefore, we propose the following hypothesis.
Hypothesis 6 (H6). The link between providing online support and subjective well-being will be stronger for
users with low levels of experience than that for users with high levels of experience.
FutureBased
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3.2. Data Collection
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The model was tested by using the data collected from users of various social media in Taiwan.
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To target social media users, a banner with a hyperlink connecting to the online survey was posted
on a number of bulletin board systems (BBS), chat rooms, virtual communities, and Facebook.
Members with social media use experience were invited to participate in our survey. A total of 267
questionnaires were collected for data analysis. The demographics of participants are shown in Table
1.
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a number of bulletin board systems (BBS), chat rooms, virtual communities, and Facebook. Members
with social media use experience were invited to participate in our survey. A total of 267 questionnaires
were collected for data analysis. The demographics of participants are shown in Table 1.
Table 1. Demographic information about the respondents.
Measure

Items

Frequency

Percentage (%)

Gender

Male
Female
Below 18
21–25
26–35
36–45
Above 45
High school
College
University
Graduate or above
Facebook
BBS
Line
Others
Below 1
1–2
2–3
Above 3

174
93
36
167
50
10
4
34
14
164
55
162
42
61
2
21
92
44
110

65.2
34.8
13.5
62.5
18.7
3.7
1.5
12.7
5.2
61.4
20.6
60.7
15.7
22.8
0.7
7.8
34.5
16.5
41.2

Age

Education

Favorite social media

Experience of social
media usage (in year)

4. Data Analysis and Results
This study utilized the two-stage methodology recommended by [61] for data analysis. The
first step assessed reliability and construct validity, while the second examined the structure model
among the latent constructs. Partial Least Squares (PLS) regression was used as the structural equation
modeling tool, because it imposes minimum restriction on measurement scale, sample size, and
residual distribution [62] SmartPLS Version 2.0 M3 [63] was used in our data analysis.
4.1. Measurement Model
The adequacy of the measurement model was evaluated in terms of reliability, convergent validity,
and discriminant validity. Reliability was examined by using composite reliability (CR) values.
As listed in Table 2, all CR values were greater than the commonly acceptable level of 0.70, indicating
adequate composite reliability. Convergent validity of the scales was evaluated by using the two
criteria suggested by [64]: (1) all indicator factor loadings should be significant and exceed 0.70, and
(2) average variance extracted (AVE) by each construct should exceed the variance, due to measurement
error for that construct (i.e., should exceed 0.50). As shown in Table 2, standardized CFA loadings for
all items were significant and exceeded the minimum criterion of 0.7. Furthermore, as seen in Table 3,
all AVE values of all constructs exceeded the minimum threshold value of 0.5. As such, the results
demonstrate adequate convergent validity. Discriminant validity was evaluated by using the criteria
recommended by [64]: the square root of the AVE should exceed the correlation shared between the
construct and other constructs in the model. Table 3 lists the correlations among constructs, with the
square root of the AVE on the diagonal. The results demonstrate acceptable discriminant validity.
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Table 2. Measurement items’ statistics.
Construct

Item

Factor Loading

CR

AVE

Trust (TRT)

I feel that members of social media are likely to care for others’ welfare (TRT1)
Members of social media are, in general, honest (TRT2)
I feel that members of social media are trustworthy (TRT3)

0.79 *
0.89 *
0.89 *

0.89

0.74

Identification (IDN)

On social media, I am one of the core members (IDN1)
I am willing to put a great deal of effort into supporting others on social media (IDEN2)
I am willing to put a great deal of effort into helping my social network be successful (IDEN3)

0.81 *
0.78 *
0.80 *

0.84

0.63

Receiving Online Support (ROS)

Members on social media listen to me and talk about my private feelings and emotions (ROS1)
Members on social media provide the information I need (ROS2)
Members on social media loaned or gave me things I need (ROS3)

0.84 *
0.76 *
0.82 *

0.85

0.65

Providing Support Activities (PSA)

On social media, I always listen to and talk about others’ private feelings and emotions (PSA1)
On social media, I always share the information that others need (PSA2)
On social media, I always loan or give the things that others need (PSA3)

0.88 *
0.82 *
0.82 *

0.88

0.70

Subjective Well-Being (SWB)

Using social media makes me feel that I have something valuable give to others (SWB1)
Using social media makes me feel that my life is better (SWB2)
Using social media makes me feel that I am close to other people (SWB3)
Using social media makes me feel cheerful (SWB4)

0.79 *
0.70 *
0.83 *
0.82 *

0.87

0.62

Notes: CR = composite reliability; AVE = average variance extracted. * p < 0.1.

Table 3. Correlations and the square root of the AVE of latent variables.
Construct
TRT
IDN
ROS
PSA
SWB

MEAN
3.49
3.59
3.74
3.91
3.57

STD
0.81
0.67
0.66
0.66
0.68

TRT
0.86
0.73
0.62
0.55
0.71

IDN

ROS

PSA

SWB

0.80
0.72
0.66
0.75

0.81
0.70
0.58

0.84
0.56

0.79

Notes: Diagonal elements (in shade) are the square root of the average variance extracted (AVE). Off-diagonal elements are the correlations among constructs.
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In addition, Harman’s one-factor test was performed by entering all variables into a principal
component analysis, to test for common method bias [65], since the data were collected by using
self-reported measures. The results showed that the total variance of a single factor is 48.10%, below
the cutoff threshold of 50.0% [65]. This result indicates that common method bias is not a major
issue for this study. Furthermore, variance inflation factors (VIF) were used to assess the concerns of
multicollinearity, because of the high correction between the constructs. We conducted a regression
analysis by modeling subjective well-being as the dependent variable and the other four variables as
the independent variables. The VIF ranged from 2.142 to 3.032, which is well below the threshold of 3.3
suggested by [66]. Therefore, the multicollinearity problem does not influence the result of this study.
4.2. Structural Model
The theoretical model and hypothesized relationships were estimated by using the bootstrap
approach, with a sample size of 500, to generate t-values and standard errors for determining the
significance of paths in the structural model. Figure 2a summarizes the results of the structural model
test. As hypothesized, receiving online support and providing online support exert positive impacts
on subjective well-being (β = 0.37, 0.30; t = 4.56, 3.73, respectively). These results support H1 and H2.
Furthermore, the results also indicate that social capital significantly impacts receiving and providing
Internet
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2. SEM analysis of the research model. (a) results of full sample; (b) results of low-experience
Figure 2. SEMFigure
analysis
of the research model. (a) results of full sample; (b) results of low-experience
group; (c) results of high-experience group. * p < 0.1.
group; (c) results of high-experience group. * p < 0.1.
Table 4. Statistical comparison of paths for users with low- and high-use experience. * p < 0.1.
Paths

Standardized Path Coefficient
Low-Experience
High-Experience
Group (N=113)
Group (N = 154)

Statistical
Comparison
of Paths

Receiving Online SupportSubjective Well-Being

0.12

0.47 *

−28.79 *

Providing Online SupportSubjective Well-Being

0.63 *

0.13

40.39 *

5. Discussion
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We used the subgroup analysis method to test the moderation effect of experience [67]. We first
dichotomized use experience into two subgroups (high and low), using the mean splitting method,
following [68]. We then estimated structural models for each subgroup and employed the formula
implemented by [69], to test the moderating effects of experience, following [70] and [71]. Figure 2b,c
and Table 4 summarize the results of the moderating-effect tests. The results show that the relationship
between receiving online support and subjective well-being is stronger for users with high levels of
experience, while providing online support has a stronger influence on subjective well-being for users
with low levels of experience (t = 28.79, 40.39, respectively). Thus, H5 and H6 are supported.
Table 4. Statistical comparison of paths for users with low- and high-use experience. * p < 0.1.
Standardized Path Coefficient
Paths

Statistical Comparison
of Paths

Low-Experience
Group (N=113)

High-Experience
Group (N = 154)

Receiving Online
Support→Subjective Well-Being

0.12

0.47 *

−28.79 *

Providing Online
Support→Subjective Well-Being

0.63 *

0.13

40.39 *

5. Discussion
5.1. Major Findings
This study integrated the perspectives of social capital, social support, and experience to investigate
the factors affecting users’ subjective well-being on social media. The results reveal that receiving
and providing online support are the two key factors affecting subjective well-being. The findings
are similar to the standpoints of previous studies (e.g., [25,72]) in that people with more online social
contacts are mentally happier and healthier than those with limited social contact. The findings also
confirm the assertion of prior studies that fulfilling needs is a vital factor driving an individual’s
well-being [25]. In line with the standpoint of previous studies (e.g., [10,14]), our results reveal that
social capital has strong effects on receiving and providing online support, providing additional
evidence that social capital is an important context factor that facilitates online social interactions.
The findings reveal that experience moderates the influences of receiving online support and
providing online support on subjective well-being. Receiving online support predicts the subjective
well-being for users in the low-experience subgroup, whereas providing online support has a positive
effect on subjective well-being for users in the high-experience subgroup. The results are in line with
the standpoint of the previous literature; high density of social relationship in a social unit helps users
to receive more valuable help and emotional support [54,55]. The results also reveal that users with
low levels of social relationship tend to provide support to facilitate social interactions with others, in
order to strengthen their social network density. Furthermore, users’ perception of well-being increases
when the different needs for users with different levels of experience can be fulfilled.
5.2. Theoretical Implications
This study contributes to the literature examining the link between information-technology use
and subjective well-being in three ways. First, we empirically tested the relationship between the
influence of receiving online support and that of providing online support on subjective well-being.
Although the previous literature argues that receiving support from others in a social unit increases
an individual’s perception of well-being (e.g., [1]), few studies on social media have simultaneously
investigated the effects of receiving and providing online support on subjective well-being. Therefore,
this study contributes to the existing literature by providing empirical evidence that receiving online
support and providing online support are strong predictors of subjective well-being.
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Second, while past studies have used the perspective of experience to examine the change of
personal beliefs over time (e.g., [48,49]), few studies have been conducted to test whether the influences
of online social-support activities (receiving and providing support) on subjective well-being vary as
experience increases over time. This study contributes to the existing studies on well-being and social
media by proving that receiving online support plays an important role in facilitating the perception
of well-being for users with high levels of experience, while providing online support increases the
perception of well-being for users with low levels of experience.
Finally, although online social support has been considered an important factor that determines
individual behavior [1]. Little is known about the motivating factors for users’ social-support activities
on social media. This study empirically tested the influence of social capital on online support activities
and found that social capital fosters users’ online social-support activities. The results contribute to the
existing literature on social media by revealing that social capital motivates members of a network on
social media to provide and receive help from other members.
5.3. Practical Implications
In addition to the theoretical implications, this study provides valuable practical implications
for managing social media. First, as the study demonstrates, social media has become an important
medium that allows Internet users to build social relationships and to carry out social-support
activities (receiving and providing support), which increases their perception of well-being. To increase
social-support activities, from the viewpoint of the media synchronicity theory [19]. Managers of social
media should improve their capabilities (e.g., transmission velocity, symbol variety, and parallelism) to
provide better communication functionality. For example, social media could provide some emotional
icons for users to easily provide emotional support to others. Social media may also provide additional
mechanism for users to build their personal lists of social support networks. By using these lists, users
can make a request about their needs and quickly respond to the needs of others.
Furthermore, our results reveal that building social capital effectively facilitates social-support
activities. The previous literature suggests that self-disclosure behavior is a useful predictor of social
capital [7]. In this regard, managers of social media may provide some mechanisms that allow
users to build their personal profiles by using photos and videos [8]. In addition, privacy concerns
have been considered a major barrier preventing users from engaging in social interactions on social
media [73]. Thus, to increase social interactions on social media, managers of social media should
deploy privacy protection mechanisms to protect users’ privacy information. Managers of social media
may also provide user-information protection rules to enable users to have control of their personal
information [74].
Finally, our results posit that providing online support significantly impacts subjective well-being
for users with low levels of experience, while receiving online support positively influences subjective
well-being for users with high levels of experience. To effectively strengthen users’ subjective well-being,
managers of social media can deploy a mechanism to notify users with low levels of experience, in
order to provide support for experienced users.
5.4. Limitations
While our study results reveal valuable findings, it is necessary to recognize its limitations. First,
the proposed model was tested by using the data collected from social media users in Taiwan. Further
studies should examine our findings in different countries, to test the generalizability of this study.
Second, there are some factors, such as reciprocity (receiving and giving equal amounts of support)
and mutual interdependence [16] that may affect social-support activities, which, in turn, affect users’
perceptions of well-being. Further studies should be conducted to explore the antecedents of subjective
well-being by simultaneously integrating various standpoints (e.g., equity theory and social exchange
theory). Future studies should also employ different aspects of social capital (e.g., structural capital
and cognitive capital), to identify the antecedents of online support activities. Finally, while using
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experience to test the influences of different types of social-support activities on subjective well-being
may advance our understanding about the change in users’ behaviors and beliefs as online social
contacts increase over time, a longitudinal investigation is needed to examine how social networks
develop over time and how users deal with stressful events by using social media [25]. Further studies
should also investigate the effect of offline relationships on the link between social-support activities
and subjective well-being, to examine whether offline relationships impact online support activities.
6. Conclusions
In summary, this study represents a systematic approach to understanding the antecedents
of subjective well-being for social media users. Our results suggest that social capital enhances
social-support activities. This study also extends our understanding about the moderating role of
experience on the relationship between social support and subjective well-being. Social media providers
should focus on the different effects of the two types of social-support activities on subjective well-being
due to the differences in usage experience, to encourage users to stick to a specific social media.
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