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Abstract: Rough set theory is a mathematics tool specifying imperfection and uncertainty. Based on
the knowledge theory of the rough set, the numerical values of some features or attributes are
not required. Through data reduction, this article analyzes the investment decision of hydraulic
engineering and obtains the following by reduction: i. when the construction expense of the hydraulic
engineering is low, but the financial income is high, the investment in the construction project can be
selected; ii. when the expense of the hydraulic construction project is low and the external influence
is common or the financial expense is common, if the external influence is low or the financial
income is high, the investment can be delayed; iii. when the construction strategic benefit of the
hydraulic engineering is low, the decision rule of no investment can be selected. The novel findings
discovered by this article have provided scientific information regarding investment decisions of
hydraulic engineering.

Keywords: rough set; knowledge reduction; knowledge acquisition; investment in hydraulic
engineering; investment decisions

1. Introduction

Rough set theory (also called rough set) is a mathematical tool which was proposed by Professor
Pawlak in 1982 and is able to make quantitative analysis and processes for inaccurate, inconsistent,
and incomplete information and knowledge [1]. The original prototype of rough set theory resulted
from a simple information model, and its basic idea was defined by a relational database used to form
concepts and rules and realize knowledge discovery by the classification of the equivalence relation
and of objective approximation.

The core foundation of rough set theory and its application is a couple of approximate operators
derived from approximation space, namely the upper approximation operator and lower approximation
operator (also called the upper and lower approximation set). The obscurity relationship of the classic
Pawlak model is an equivalence relation with high demands, and it restricts the application of the
rough set model. Therefore, how to expand and define the approximate operator has become an
important area of rough set theory research [2].

At present, there are two kinds of common research methods on expanding rough set theory,
namely, the structural method and the axiomatic method. The structural method takes binary relation,
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division, coverage, a neighborhood system and Boole algebra as basic elements, defines the rough
approximation operator and educes a rough set algebra system. The basic element of the axiomatic
method is a couple of unitary approximation operators meeting some axioms, and some axioms of
approximation operators can ensure the existence of some special types of binary relationships; in turn,
the approximation operator derived from the binary relationship by the structural method must meet
some axioms.

The most remarkable difference between rough set theory and other theories processing uncertain
and inaccurate questions is that rough set theory does not need any prior information except the
dataset processed for providing questions; thus, the uncertain description or processing for questions
is objective. Since this theory has not contained the mechanism of processing inaccurate or uncertain
original data, the combination of this theory together with probability theory, fuzzy mathematics,
evidence theory and other theories to process uncertain or inaccurate questions is highly complementary.
Therefore, the study of the relationship between rough set theory and other theories is one of the topics
of interest of rough set theory research.

Because of the novel idea and unique method of rough set theory, rough set theory has become an
important intelligent information processing technology [3,4], which has been widely used in aspects
such as machine learning and knowledge discovery, data mining, decision support and analysis.
According to statistics, the forecast error rate of rough set applied to the engineering field is 6.67%
and the average error rate is 10.27% [5]. Rough set is a kind of advanced decision tool. Many scholars
applied rough set theory to fields such as industrial control [6–8], medicine, health and biological
science [9–11]; traffic and transportation [12–14]; agricultural science [15,16]; environmental science
and environmental protection management [17]; safety science [18]; social science [19]; and aviation,
spaceflight and military affairs [20,21]. When the evidence or the information provided is not sufficient,
direct acceptance or rejection may seem unreasonable. That is, the cost of accepting or rejecting a
decision will be greater than the cost of not making a decision [22]. The decision-making model based
on Bayesian theory has been extensively studied. When making a decision, regardless of whether it is
an acceptance or rejection, there will be a certain risk loss [23]. The loss function is based on the past
experiences of experts and in decision theory it has different domains.

Based on further application of rough set theory in engineering investment decision-making,
this paper proposes the following innovations: (1) the application of rough set theory in the
optimization of water conservancy project investment decision-making is proposed, which allows
for further development of the application of rough set theory; (2) the tacit knowledge based
on rough sets discovered in this paper provides a scientific basis for water conservancy project
investment decision-making. This theory proposes that there are different combinations of investment
decision-making strategies under different conditions in the investment of water conservancy projects;
(3) the data processed by the rough set method are discrete, and, unlike other methods, this theory can
solve the discrete phenomenon of data. The application of this method makes the conclusion more
reliable. Based on the characteristic of the rough set realizing knowledge discovery by classification of
the equivalence relation and of objective approximation, this article applies the rough set to decisions
regarding hydraulic engineering investment, which is beneficial to decision-making scientization.

2. Knowledge Theory Based on the Rough Set

Rough set theory is a mathematical tool specifying imperfection and uncertainty. It can effectively
analyze various kinds of imprecise, inconsistent, uncompleted, or imperfect information from which it
can find hidden knowledge that can be used to discover a potential rule.

2.1. Information System and Decision Table

The information (knowledge expression) system S can be expressed as S = (U,A,V,f), wherein U
is the set of objects, i.e., the domain: A = C∪D, in which the subsets C and D are the respectively
conditioned attribute set and the decision attribute set and C∩D = Φ; V is the codomain of object
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attributes, V = a∈AVa, and Va means the scope of attribute values of the attribute a∈A; f is the
information function and specifies the attribute value of each object attribute, and f:U × A→V,f(x,a)∈Va.

To objects x, and y ∈U, if a∈R,RC, is satisfied, and both have f(x,a) = f(y,a), and it is stated that
objects x and y cannot be distinguished under the conditional attribute subset R, or else it is stated that
x and y can be distinguished, to every conditional attribute subset R, a binary relation IND(R) which
cannot be distinguished is defined, and it is expressed as:

IND(R) = {(x,y)∈U × U, a∈R, f(x,a) = f(y,a)} (1)

Assume x∈U, the equivalence [x]R of the object x decided by the conditional attribute subset R is
expressed as: [X]R = {∈U:(x,y)∈IND(R)}.

The decision table is an important knowledge expressing system, and the knowledge expressing
system with condition attributes and decision attributes is the decision table. The list head of the
decision table includes various attributes. Each line of it denotes one member or a decision rule in the
domain, and each column represents the attribute and the attribute value. In the information system,
one attribute corresponds to an equivalence relationship, and one table can be considered as a defined
equivalence relationship, i.e., knowledge bases [24,25].

2.2. Upper Approximation and Low Approximation

Generally, the imprecise concept is expressed by two precise concepts of upper approximation
and low approximation. Assume {U,R} is the approximation space, wherein U is the domain, and R is
the upper equivalence relation of U, XU; the low approximation set of X about R is defined as follows:

R-(X) = {x∈U, [x]R X} (2)

R(X) is the set comprising all objects which definitely belong to X after the judgment according
to the available knowledge, and it is also denoted as the positive area of x and recorded as POS(X).
The set comprising all objects which do not definitely belong to X after the judgment according to the
available knowledge is denoted as the negative area of x, and also recorded as NEG(X). The upper
approximation set of x about R is defined as:

R-(X) = {x∈U, [x]R∩X , Φ} (3)

R(X) is the union of all equivalence [x] Rs which intersect with X but are not empty, and the set
of all objects which may belong to X. Of course, the boundary region of −R(X)∩NEG(X) = Φ and
U = − R(X)∪NEG(X) and set X is defined as:

BND(X) = −R(X)R-(X) (4)

BND(X) is the difference of the upper approximation and low approximation of set X; if BND(X) = Φ,
it is stated that X is clear about R; and if BND(X) , Φ, it is stated that X is the rough set about R.

2.3. Reduction and the Core of Attribute

The reduction is the most important concept which is used by the rough set in data analysis.
Mainly, the acquisition of knowledge of the rough set is the reduction in the original decision table.
Under the condition of keeping the dependency relationship between the decision attribute and the
condition, the attribute is not changed. The decision table is reduced.

The process of reducing the attribute of the decision table [26] is that the unnecessary condition
attributes (not important for obtaining the decision) are removed from the condition attributes of the
system of a decision table to analyze the impact of the decision rule of the reduced condition attribute
on the decision attribute. Under different systems or different conditional environments, people have
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different requirements and expectations regarding the reduction in the attribute. If the attribute values
of some attributes in a system cannot be easily acquired, and the expense for measuring these attribute
values is high, the attributes should be removed from the decision table. The condition items included
in the acquired reduction result should be as small as possible or the acquired number of decision rules
should be kept to a minimum [27]. Usually, there will be a plurality of reductions in an equivalence
relationship, and the intersection of all reductions is defined as the core of P. The core represents some
invariable information and is recorded as core (P). The core can be used as the calculation base of all
reductions. In knowledge reduction, the set of characteristics of knowledge cannot be cancelled in the
core. Core(P) = ∩red(P), wherein red(P) is all reductions of P. In the concrete application of the rough
set, the relationship of one classification is very important to another classification, and it is the relative
reduction and relative core of knowledge [28,29].

2.4. Knowledge Acquisition

Currently, most methods for acquiring knowledge are based on machine studies, mode recognition,
statistics, etc. The method of the decision tree is mainly used to obtain descriptions and models
regarding data within a database. The nonlinear regression analysis and classification method utilize
the method of regression analysis to generate a function which maps the data item to a prediction
variable of actual value, finding the dependence relationship between variables or attributes, etc.
Rough set theory introduces the concept of a distinguishable matrix and attribute importance and can
excellently process fuzzy and imperfect knowledge problems, thus becoming an important tool for
acquiring knowledge from a database [30].

The importance of the attribute subset B’ in the attribute set B (B′⊆B) is defined as rB(F) − rB\B′(F),
wherein F is the classification concluded from attribute D, and the above formula expresses the
influence on the quality of approximation classification of F when the attribute subset B’ is removed
from the attribute set B. On this basis, one of the important subjects of rough set theory is calculating
the reduction in the attribute. Calculating an attribution reduction is equal simply to the alteration of
the original decision table into an equivalence decision table that only includes attribute reduction
without changing the decision result, and it provides convenience for further extracting (finding) the
further rule. Researchers have proposed many attribute reduction algorithms.

2.5. Dependency of Knowledge

To reduce knowledge and conclude new knowledge from the given knowledge, the dependency
relationship of functions in the database must be researched. When all elementary categories of Q
can be defined by some elementary categories in P, it means knowledge Q can be concluded from
knowledge P. When Q can be concluded from knowledge P, it is stated that Q depends on P and is
recorded as P⇒Q. The dependency can be formally defined as follows: make k = (U,K) as a knowledge
base, and P,Q⊆R:

(1) When IND(P) ⊆ IND(Q), knowledge Q depends on knowledge P;
(2) When P⇒Q and Q⇒P, knowledge P and Q are equal and this is recorded as P≡Q; when P⇒Q and

Q⇒P are not available at the same time, P and Q are independent. Only when IND(P)⊆IND(Q),
P⇒Q. We provide the knowledge dependency measure, k, k = |rp(Q) = posP(Q)|\|U|, and state
that Q is k(0 ≤ k ≤ 1), and only depends on P. This is recorded as P. When K = 1, knowledge Q
fully depends on knowledge P. When k = 1, knowledge Q does not fully depend on knowledge
P. The value of K can be used for deciding the dependency relationship between the decision
attribute and the condition attribute. In the concrete application of rough set knowledge theory,
some knowledge cannot be completely concluded, but can be measured by the dependency of
knowledge [31,32].
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3. Application Steps Based on the Knowledge Theory of the Rough Set

Generally, the formation of knowledge application appears in the form of the decision table [33].
To explain the application method based on the knowledge theory of the rough set, a method for
processing the information of the decision table is proposed, and the main steps of the method are as
follows:

(1) Initialize the domain and carry out the defect processing of data and the discrete normalization
of attribute values. In the process of generating the decision table T, the division criterions of
discrete areas provided by the field experts should be used for selecting the proper break point to
divide the spaces formed by the condition attributes so as to reduce the search space, and the
decision rule table T(U,A,C,D) [34] is obtained after strict data preprocessing.

(2) Attribute reduction: items with the same attributes are removed, and repeated attribute values
are combined into one item.

(3) Relative simplification of knowledge: investigate whether all condition attributes in C cannot
be neglected, and after obtaining the new simplification set, investigate whether the condition
attributes in it cannot be neglected. Then, all D simplification sets of C can be acquired, and the
decision table is simplified according to the different simplification sets.

(4) Arrange and simplify the decision tables. Investigate all decision rules, work out the D
simplification of the elementary category of every decision rule, and divide the decision rules
into a plurality of decision rules according to differences of D simplification.

(5) Merge members in the decision table after simplification and obtain the decision algorithm.

4. Application and Research of the Theory of the Rough Set

There is investment in a construction project of large-scale hydraulic engineering with eight
alternative projects. The alternative project sets are expressed by {a1,a2,...a8}. Before investment,
the investor needs to carry out risk evaluation of these projects and then decide whether to invest or
not. There are four main standards for evaluation: construction expense, financial income, strategy
benefit and external influence, and {investment, no investment} is the decision set of the investor.
Indexes are in Table 1.

Table 1. Knowledge expressing system of investment decisions. Unit: RMB 10,000.

Project
Evaluation
Standard

Investment
Project Construction

Expense
Financial
Income

Strategy
Benefit

External
Influence

Investment
Decision

a1 500 200 690 150 Delayed investment

a2 700 470 650 440 No investment

a3 300 410 500 280 No investment

a4 200 455 550 290 Investment

a5 250 260 490 105 Delayed investment

a6 510 380 430 130 Delayed investment

a7 350 550 255 145 Investment

a8 650 600 570 120 No investment

Source: Statistical Yearbook of Zhejiang Province (2016).

Limited by conditions, the information of some projects cannot be acquired and expressed by *,
wherein A = {a1,a2, . . . a8 } is used for expressing the set of investment projects, C = {c1,c2,c3,c4} is the
set of evaluation indexes, and d means the investment decision of the investor.
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Additionally, “1” represents the decision of investment, “2” represents the decision of delayed
investment, and “3” represents the decision of no investment; thus, {1,2,3} is the set of decision values,
and all decisions are confirmed here.

Discrete processing is carried out on the engineering tender risk and is expressed by 0, 1, 2, 3.
The concrete discrete method is as follows: the index value of the construction expense is expressed
by a; if the construction expense is higher than 1000, “1” is used for expression; if the construction
expense is 500 ≤ a < 1000, “2” is used for expression; and if a < 500, “3” is used for expression.

The index value of financial income is expressed by b; if the financial income is higher than 500,
“3” is used for expression; if 250 ≤ b < 500, “2” is used for expression; and if b < 250, “1” is used
for expression.

The index value of the strategic benefit is expressed by c; if the strategic benefit is higher than
550, “3” is used for expression; if 350 ≤ c < 550, “2” is used for expression; and if c < 250, “1” is used
for expression.

The index value of external influence is expressed by d; if the external influence is higher than
400, “3” is used for expression; if 200 ≤ d < 400, “2” is used for expression; and if d < 200, “1” is used
for expression.

After discretization, the simplified table of decision rules is obtained, and it is calculated according
to the following concrete steps:

Step 1: data processing. To the project, the construction expense, financial income, strategic
benefit, external influence, and investment decision are respectively expressed by a, b, c, d and e,
and the information of Table 1 is brought into the decision table shown in Table 2.

Table 2. Simplification table of the decision rules.

A\U a b c d e

1 2 1 3 1 2
2 3 2 3 3 3
3 1 2 2 2 3
4 3 2 2 2 1
5 2 1 2 1 2
6 1 2 2 1 2
7 3 3 1 1 1
8 2 3 2 1 3

Source: Authors’ compilation.

Step 2: attribute reduction. Table 2 is the consistent decision table, and the clear function attribute
reduction can be obtained.

CNFT1 = (a∨b∨d)∧(a∨b∨c∨d)∧(a∨b∨c∨d)∧(a∨b∨c)∧(a∨b∨c)∧(b∨c)
= (a∨b∨d)∧(b∨c)
CNFT2 = (a∨c∨d)∧(c∨d)∧(a∨b∨c∨d)∧(a∨c∨d)∧(b∨c∨d)∧(a∨b∨c∨d)

Similarly, available

CNF = (a∨c)∧CNFT6 = a∧b∧d

The core value of the attribute finally obtained is {a, b, d}. The decision table shown in Table 3
after attribute reduction is obtained according to the attribute of the core value.

Step 3: reduce the value of the decision table shown in Table 3 after attribute reduction.
For the rule of analysis of decision, [1]a = {1,8}, [1]b = {1}, [1]d + {1,6,7,8}, [1]e = {1,6}, [1]b = {1}[1]e.

It can be observed that both a2 and d1 can be divided, b1 is the core value of rule 1, and thus,
the reduction in rule 1 is b1→e2.
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Table 3. Attribute table after reduction.

A\U a b d e

1 2 1 1 2
2 3 2 3 3
3 1 2 2 3
4 3 2 2 1
5 2 1 1 2
6 1 2 1 2
7 3 3 1 1
8 2 3 1 3

Source: Authors’ compilation.

Similarly, if available, we can obtain the reductions of the seven other decision rules:
(1) b1→e2 � (2) d3→e3� (3) a1d2→e3 (4) a3d2→e1� (6) a1d1→e2 or b2d1→e2 (7) a3d1→e1 or

a3b3→e1� (8) a2b3→e3

Step 4: by arranging the decision table shown in Table 3, there will be no repeated decision.
Step 5: integrate the results obtained from the above four steps and obtain the following decision

algorithm:

(1) a3d2∨a3d1∨a3b3→e1

(2) a1d1∨b2d1∨b1→e2

(3) d3∨a2b3∨a1d2→e3

The following language can be used for explaining the above decision rule:

(1) When the construction expense of hydraulic engineering or the external influence or construction
expense is low but the financial income is high, the investment in the construction project can
be selected;

(2) When the expense of the hydraulic construction project is low and the external influence is
common or the financial expense is common, if the external influence is low or the financial
income is high, the investment can be delayed;

(3) When the construction strategic benefit of hydraulic engineering is low, the financial benefit is
common or the construction expense is common, the decision of no investment can be selected.

Through comparison, it can be observed that the method is consistent with the literature [35,36] in
the conclusions of investment decisions, and it can further prove the stability and reliability of rough
set theory in investment decisions.

5. Conclusions

Rough set theory has high applicability for processing uncertain factors and imperfect information.
Based on simplifying the knowledge of data and removing the redundant attributes influencing the
decision, the minimum decision rule is acquired. This article suggests that based on the application
of the rough set on the investment decision of hydraulic engineering, there are different strategies of
investment decisions under different conditions of investment combinations. The following conclusions
can be obtained:

(1) The investment in the construction of hydraulic engineering relates to various uncertain factors,
and after being tested, compared with those of other investment methods, the rule acquired based
on the method of the rough set for the information excluded from the decision time is hidden;
thus, the adaptability is higher, and high precision can be acquired.

(2) To acquire the rule of the investment decision regarding hydraulic engineering, the rough set
method relates more condition attributes and the figure-expressing mode cannot be easily formed;
thus, its application is not as direct as that of the common figure of investment decisions.
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(3) The data processed by the rough set method are discrete. Common methods cannot solve the
discrete phenomenon of data and, as a result, are not able to acquire scientific conclusions.

One of the limitations of this research was the scarcity of data which were based on the data of
eight alternative large-scale hydraulic engineering projects. To obtain more significant results, it is
recommended that the sample size be expanded in future studies.

Author Contributions: Conceptualization, J.Q.; data curation, X.B.; formal analysis, J.Q.; investigation, X.B.; project
administration, J.G.; resources, J.L.; validation, F.T.-H.; writing—original draft, J.Q. and X.B.; writing—review and
editing, J.G., F.T.-H. and J.L. All authors have read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Acknowledgments: The paper is funded by the National Natural Science Foundation of China (Grant No.:51379219,
41371187), the National Social Science Foundation of China (Grant No:14BGL205), the National Social Science
Foundation of Zhejiang Province (Grant No.: 14YSXK02ZD-1YB) and Key R & D and Promotion Project in Henan
Province (202102310012).

Conflicts of Interest: The authors declare that they have no conflict of interest regarding this work.

References

1. Pawlak, Z. Rough sets. Int. J. Inf. Comput. Sci. 1982, 11, 341–356. [CrossRef]
2. Chakrabarti, S.; Dutta, B.K. Photocatalytic degradation of model textile dyes in waste water using ZnO as

semiconductor catalyst. Hazard Mater. 2004, 112, 269–278. [CrossRef]
3. Szladow, A.; Ziarko, Z. Rough sets: Working with im-perfect data. Ai Expert 1993, 6, 187–190.
4. Chan, C.; Grzymala Busse, J.W.; Ziarko, W.P. Rough sets and current trends in computing. In Proceedings of

the 6th International Conference, RSCTC 2008, Akron, OH, USA, 23–25 October 2008.
5. An, A.J.; Stefanowski, J.; Ramanna, S.; Butz, C.; Pedrycz, W.; Wang, G.Y. Rough sets, fuzzy sets, data mining

and granular computing. In Proceedings of the 11th International Conference, RSFDGrC 2007, Toronto, ON,
Canada, 14–16 May 2007.

6. Wang, G.Y.; Li, T.R.; Grzymala-Busse, D.; Miao, D.Q.; Skowron, A.; Yao, Y.Y. Rough Sets and Knowledge
Technology. In Proceedings of the RSKT 2008, Chengdu, China, 17–19 May 2008; Springer: Cham, Switzerland,
2008; Volume 5009.

7. Xie, K.M.; Chen, Z.H.; Xie, G.; Lin, T.Y. BGrC for superheated steam temperature system modeling in power
plant. In Proceedings of the 2006 IEEE International Conference on Granular Computing, Atlanta, GA, USA,
10–12 May 2006; pp. 708–711.

8. Valdes, J.J.; Romero, E.; Gonzalez, R. Data and knowledge visualization with virtual reality spaces neural
networks and rough sets. Application to geophysical prospecting neural Networks. In Proceedings of the
ICNN 2007, Orlando, FL, USA, 12–17 August 2007; pp. 160–165.

9. Ni, Y.C.; Yang, J.G.; Lv, Z.J. Raw cotton yam tenacity’s rule extraction based on Rough Set theory. Prog. Text.
Sci. Technol. 2006, 6, 65–70.

10. Chen, Z.-C.; Zhang, F.; Jiang, D.-Z.; Ni, L.-L.; Wang, H.-Y. The filtering method for X-ray digital image of
chest based on multi-resolution and rough set. Chin. Biomed. Eng. 2004, 23, 486–489.

11. Pang, F.-H.; Pang, Z.-L.; Du, R.-Q. Assessment on rough-set theory for lake ecosystem health index. J. Biomath.
2008, 23, 337–344.

12. Greco, S.; Matarazzo, B.; Slowinski, R. Rough sets theory for multicriteria decision analysis. Eur. J. Oper. Res.
2001, 129, 1–47. [CrossRef]

13. Hu, S.-W.; Guo, Z.-Z. Fault Diagnosis based on Rough set. China Railw. Sci. 2006, 27, 132–136.
14. Zhu, Y.-C.; Xiong, W.; Jing, Y.-W.; Gao, Y.-B. Design and realization of integrated classifier based on Rough

Set. J. Commun. 2006, 27, 63–67.
15. Wang, M.-H. Study on the application of rough set in railway dispatching system. China Railw. Sci. 2004, 25,

103–107.
16. Li, W.-X.; Cheng, M.; Li, B.-Y. Extended dominance rough set theory’s application in food safety evaluation.

Food Res. Dev. 2008, 29, 152–156.
17. Du, R.-Q.; Chu, X.-Y.; Wang, Q.-L.; Zhao, Q.-H.; Pang, F.-H. Application of a rough-set neural net work to

superfamily level in insect taxonomy. J. China Agric. Univ. 2007, 12, 33–38.

http://dx.doi.org/10.1007/BF01001956
http://dx.doi.org/10.1016/j.jhazmat.2004.05.013
http://dx.doi.org/10.1016/S0377-2217(00)00167-3


Mathematics 2020, 8, 1308 9 of 9

18. Kuang, L.-H.; Xu, L.-R.; Liu, B.-C.; Yao, J.-C. A new method for choosing zonation indicators of mudflow
danger degrees based on the rough set theory. J. Geomech. 2006, 12, 236.

19. Peng, Y.Q.; Liu, G.Q.; Lin, T.; Geng, H.S. Application of rough set theory in network fault diagnosis.
In Proceedings of the Information Technology and Applications, ICITA 2005, Sydney, Australia, 4–7 July
2005; Volume 2, pp. 556–559.

20. Xue, F.; Ke, K.-L. The early warning of listed cornparty’s illegal behaviors based on the integration of rough
set and genetic algorithm. Soft Sci. 2008, 22, 49–53.

21. Hu, F.; Huan, J.-G.; Chu, F.-Z. Grey relation evaluation model of weapon system based on rough set.
Acta Armamentarii 2008, 29, 253–256.

22. Wojcik, Z.M. Detecting spots for NASA space programs using rough sets. In Proceedings of the 2nd
International Conference on Rough Sets and Current Trends in Computing, RSCTC’2000, Banff, AB, Canada,
16–19 October 2000; pp. 531–537.

23. Liu, Q.; Chen, F.; Zhang, J. Reduction Algorithm of Attribute Based on Rough Set and Fuzzy Set. Comput. Eng. Sci.
2005, 27, 201–212.

24. Liu, D.; Li, H.X.; Zhou, X.Z. Two decades’ research on decision-theoretic rough sets. In Proceedings of the
9th IEEE International Conference on Cognitive Informatics, Beijing, China, 7–9 July 2010.

25. Zhou, Q.M.Q.; Li, Y.S.; Yin, C.B. Knowledge Acquisition of Rough Set and Application Thereof. J. Univ. Sci.
Technol. Suzhou 2003, 20, 156–162.

26. Lu, S.B.; Zhang, X.L.; Bao, H.; Skitmore, M. Review of social water cycle research in a changing environment.
Renew. Sustain. Energy Rev. 2016, 63, 132–140. [CrossRef]

27. Lu, S.B.; Gao, X.; Li, W.; Jiang, S.; Huang, L. A study on the spatial and temporal variability of the urban
residential water consumption and its influencing factors in the major cities of China. Habitat Int. 2018, 78,
29–40. [CrossRef]

28. Liu, D.; Li, T.R.; Ruan, D. Probabilistic model criteria with decision-theoretic rough sets. Inf. Sci. 2011, 181,
3709–3722. [CrossRef]

29. Zhang, W.; Wu, Z.; Liang, J. Theory and Method of Rough Set; Science Press: Beijing, China, 2001.
30. Liu, D.; Li, T.R.; Li, H.X. A multiple-category classification approach with decision theoretic rough sets.

Fundam. Inform. 2012, 115, 173–188. [CrossRef]
31. Liu, D.; Li, T.R.; Liang, D.C. Decision-theoretic rough sets with probabilistic distribution. In Proceedings of

the 8th International Conference on Rough Sets and Current Trends in Computing (RSCTC2012), Chengdu,
China, 17–20 August 2012.

32. Lu, S.B.; Bai, X.; Li, W.; Wang, N. Impacts of climate change on water resources and grain production.
Technol. Forecast. Soc. Chang. 2019, 143, 76–84. [CrossRef]

33. Lu, S.B.; Gao, X.; Wu, P.; Li, W.; Bai, X.; Sun, M.; Wang, A. Assessment on Domestic Sewage Treated by
Vertical-flow Artificial Wetland at Different Operating Water Level. J. Clean. Prod. 2019, 208, 649–655.
[CrossRef]

34. Hirano, S.; Tsumoto, S. Segmentation of medical images based on approximations in Rough set theory.
In Proceedings of the RSCTC 2002, Malvern, PA, USA, 14–16 October 2002; pp. 554–563.

35. Li, J.; Fan, X.; Huang, P. Knowledge Theory Based on Rough Set and Application Thereof. Appl. Syst. Eng.
Theory Method 2001, 10, 184–188.

36. Nguyen, T.T. Adaptive classifier construction: An approach to handwritten digit recognition. In Proceedings
of the RSCTC 2002, Malvern, PA, USA, 14–16 October 2002; pp. 578–585.

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1016/j.rser.2016.04.071
http://dx.doi.org/10.1016/j.habitatint.2018.05.002
http://dx.doi.org/10.1016/j.ins.2011.04.039
http://dx.doi.org/10.3233/FI-2012-648
http://dx.doi.org/10.1016/j.techfore.2019.01.015
http://dx.doi.org/10.1016/j.jclepro.2018.10.111
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Knowledge Theory Based on the Rough Set 
	Information System and Decision Table 
	Upper Approximation and Low Approximation 
	Reduction and the Core of Attribute 
	Knowledge Acquisition 
	Dependency of Knowledge 

	Application Steps Based on the Knowledge Theory of the Rough Set 
	Application and Research of the Theory of the Rough Set 
	Conclusions 
	References

