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Abstract: As the highest elevation permafrost region in the world, the Qinghai-Tibet Plateau (QTP)
permafrost is quickly degrading due to global warming, climate change and human activities.
The Qinghai-Tibet Engineering Corridor (QTEC), located in the QTP tundra, is of growing interest
due to the increased infrastructure development in the remote QTP area. The ground, including the
embankment of permafrost engineering, is prone to instability, primarily due to the seasonal freezing
and thawing cycles and increase in human activities. In this study, we used ERS-1 (1997–1999),
ENVISAT (2004–2010) and Sentinel-1A (2015–2018) images to assess the ground deformation along
QTEC using time-series InSAR. We present a piecewise deformation model including periodic
deformation related to seasonal components and interannual linear subsidence trends was presented.
Analysis of the ERS-1 result show ground deformation along QTEC ranged from −5 to +5 mm/year
during the 1997–1999 observation period. For the ENVISAT and Sentinel-1A results, the estimated
deformation rate ranged from−20 to +10 mm/year. Throughout the whole observation period, most of
the QTEC appeared to be stable. Significant ground deformation was detected in three sections of the
corridor in the Sentinel-1A results. An analysis of the distribution of the thaw slumping region in the
Tuotuohe area reveals that ground deformation was associated with the development of thaw slumps
in one of the three sections. This research indicates that the InSAR technique could be crucial for
monitoring the ground deformation along QTEC.
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1. Introduction

Permafrost, defined as soil or rock ground that remains frozen (ground temperature below 0
◦C) for two or more consecutive years [1,2], has the potential to affect the global climate [3,4], carbon
balance [5], and water-heat balance [6]. The Qinghai-Tibet Plateau (QTP) has the largest extent of
permafrost outside the polar regions, with 50% of the QTP’s area underlain by permafrost. With the
implementation of western development strategy and the One Belt and One Road strategy, several key
engineering projects have been conducted on this fragile and harsh environmental plateau, such as the
Qinghai-Tibet Railway (QTR) [7,8], the Qinghai-Tibet Highway (QTH) [9], oil pipelines [10] and electric
transmission lines [11]. Along the QTR from the Chumaerhe to Fenghuo Mountain is the significant
section of Qinghai-Tibet Engineering corridor (QTEC) [12,13]. In recent years, with the global warming,
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the increase of human activities, and the operation of permafrost engineering, the permafrost has
become seriously degraded, intensifying the permafrost engineering instability, land desertification
and soil moisture loss [14]. Therefore, long-term permafrost measurement along the QTEC is of great
importance for permafrost environment protection, climate change and cold-region hazard prevention.

Traditional geodetic measurement methods such as levelling and the global position system
(GPS) surveys, can achieve high-precision monitoring. However, these point-based geodetic measured
methods are limited to discrete points on fixed routes and are time consuming. Compared with those
methods, the satellite remote sensing provides a valuable tool for observing large and hard-to-access
areas with high spatial and temporal resolution [15]. Synthetic aperture radar interferometry (InSAR) is
a promising technique that can be used to monitor slow ground deformation with millimeter accuracy
by analyzing the phase information from two SAR images [16]. Due to the advantages of large coverage,
high resolution and measurement accuracy, InSAR has been used to measure surface deformation over
larger areas induced by earthquake [17], volcanoes [18], and land subsidence [19,20]. It has also been
adopted to determine the ground deformation in permafrost regions [15,21,22].

To mitigate the intrinsic limitations of the traditional differential InSAR (DInSAR) (spatial-temporal
decorrelations and atmospheric delay) [23], time-series InSAR techniques such as persistent scatterer
interferometry (PSI) [24,25], the small baseline subset interferometry (SBAS) [26,27], multi-temporal
InSAR (MTInSAR) [28], have been proposed by analyzing the time series interferometric phase on
stable objects, such as buildings, rocks and roads.

Due to the merits of time-series InSAR, many studies have used it to retrieve surface deformation
information related to permafrost thawing and freezing in QTP [29–39] (Table 1) and other permafrost
regions [21,22,40].

Table 1. Permafrost deformation studies in the Qinghai-Tibet Plateau (QTP) using synthetic aperture
radar interferometry (InSAR) technologies.

Study Areas InSAR Method SAR Dataset Observation Period
Deformation

Rate
(mm/year)

References

Beiluhe PSI ENVISAT August 2003–May
2007 −20 to 3 [29]

Beiluhe IPTA and SBAS ALOS-1 and
ENVISAT

November
2004–December 2010 −20 to 20 [30]

Beiluhe SBAS ALOS-1 June 2007–December
2010 −20 to 20 [31]

Beiluhe SBAS ENVISAT April 2003–July 2010 −16 to 2 [32]

Tanggula PSI ENVISAT February
2007–September 2009 −10 to 0 [33]

Yangbajing MTInSAR TerraSAR-X December
2011–November 2012 −30 to 10 [34]

Yangbajing SBAS ENVISAT May 2007–September
2010 −50 to 10 [35]

Wudaoliang SBAS ALOS-1 May 2007–March
2009 −2 to 0 [36]

Beiluhe MTInSAR TerraSAR-X July 2014–March
2017 −20 to 0 [37]

Wudaoliang-
Fenghuo Mountain MTInSAR Sentinle-1A November

2017–December 2018 — [38]

Northwestern Tibet NSBAS (new small
baseline subset) ENVISAT 2003–2011 −4 to 4 [39]



Sensors 2019, 19, 5306 3 of 23

The studies listed in Table 1 preliminarily explored the deformation of the permafrost region
using time-series InSAR. Unfortunately, the most of the above-mentioned literatures have only focused
on permafrost deformation monitoring in QTP over a short period of time such as from 2004 to 2009
with ENVISAT images or from 2007–2010 with ALOS-1 images, or from 2014 to 2016 with TerraSAR-X
images. Long-term Permafrost thaw deformation on the QTP and the relationship between permafrost
deformation and QTP engineering are still poorly quantified and understood. It is necessary to
focus on the latest development and the temporal evolution of ground deformation of the permafrost
region in QTP. With the launch of new SAR satellites such as Sentinel-1A/B [41], more SAR images
with short repeat cycles (six days) can be obtained, which are suitable for determining the ground
deformation in permafrost regions. Daout et al., developed a method to enhance InSAR performances
for such difficult terrain conditions and construct an 8 year timeline of the surface deformation over
a 60,000 km2 area [39]. Rouyet et al. used the InSAR to investigate the seasonal ground deformation in
and around Adventdalen with TerraSAR-X StripMap Mode (2009–2017) and Sentinel-1 Interferometric
Wide Swath Mode (2015–2017) SAR images [15]. Combining the archived SAR images, long-term
ground deformation in the permafrost region can be determined.

The objectives of this paper were to retrieve the surface deformation along QTEC from the
Wudaoliang to the Tuotuohe section over a 20-years period using time-series InSAR technique and to
analyze temporal evolution of the QTEC deformation. More than 90 SAR images, including ERS-1,
ENVISAT, and Sentinel-1A, were collected to jointly retrieve the feature of ground deformation from
1997 to 2018. A hybrid time-series methodology taking advantage of the merits of PSI and SBAS
was used to identify more measurement points [42]. Moreover, a piecewise deformation model
combining a seasonal deformation term related to active layer thawing and freezing and linear
subsidence component related to permafrost thawing is introduced. The spatiotemporal feature of the
ground deformation along the QTEC and its relationships with permafrost engineering and permafrost
distribution were analyzed.

2. Study Area and Datasets

2.1. Study Area

The permafrost region along the Wudaoliang-Tuotuohe section of QTEC was chosen as the study
area. The area is in the in the Hoh Xil mountain area between the Kunlun Mountain and Tanggula
Mountain ranges and is the source area of the Yangtze river, which is in the northern part of the
QTP [12]. The QTR is a high-elevation railway connecting Xining to Lhasa, with the length of 1956
km. About 550 km length of the QTR is laid on the discontinuous permafrost [7]. The QTR from
Wudaoliang to Tuotuohe section began to construct in 2001 and completed in 2006. Figure 1 provide
a topographic map of the study area, with an average elevation of more than 4500 m above the sea level.
Underground ice developed extensively in this region [5]. Several thermokarst lakes have developed,
such as Zuonai Lake, Kusai Lake and Salt Lake (Figure 1). The active layer thickness (ALT) varies from
0.8 to 4 m with a mean of about 2 m [43]. The typical ground features in our study area can be classified
into six landcover types: alpine meadow, alpine desert, Thermokarst Lake, QTR, QTH, and electric
transmission power line (Figure 2). This area is dominated by sub frigid semi-arid climate with the
mean temperature of about −3.8 ◦C [44]. The annual mean precipitation varies from 50 mm to 400 mm,
concentrated in the summer season [36]. The amplitude of Sentinel-1A, shuttle radar topography
mission (SRTM) digital elevation map (DEM) data [45] and the slope of the QTEC are show in the
bottom of Figure 1. In the QTEC, several permafrost engineering structures have been constructed that
have considerably influenced the stability of the permafrost. In the SAR images, the QTR is a bright
line as shown in Figure 1. The other engineering structures cannot be easily observed in medium
resolution SAR images.
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are the large lakes. Bottom: the amplitude of Sentinel-1A, DEM, and slope of the selected Qinghai-

Tibet Engineering corridor (QETC) section from Wudaoliang to Tuotuohe. 

Within the QTEC coverage, several key developmental projects have been constructed, such as 

QTR, QTH, and electric transmission power line (Figure 2d–f). Due to the constructions of those 

permafrost engineering structures, the original hydrothermal balance of permafrost has been 

destroyed and the permafrost has begun to degrade. Studies have showed that the ground 

deformation rate of the permafrost along QTR can reach −10 mm/year in some sections [46]. The study 

area is an overlap of the available SAR images. About 110 km of the QTEC region from Wudaoliang 

to Tuotuohe was selected as the study object. The daily air temperature in Wudaoliang weather 

Figure 1. Top: Coverage of radar data stacks (black squares) on the shuttle radar topography mission
(SRTM) digital elevation map (DEM) over the study area. The black lines show the Qinghai-Tibet
Railway (QTR). The green points represent the railway station in the study area. The blue polygons are
the large lakes. Bottom: the amplitude of Sentinel-1A, DEM, and slope of the selected Qinghai-Tibet
Engineering corridor (QETC) section from Wudaoliang to Tuotuohe.

Within the QTEC coverage, several key developmental projects have been constructed, such as
QTR, QTH, and electric transmission power line (Figure 2d–f). Due to the constructions of those
permafrost engineering structures, the original hydrothermal balance of permafrost has been destroyed
and the permafrost has begun to degrade. Studies have showed that the ground deformation rate of
the permafrost along QTR can reach −10 mm/year in some sections [46]. The study area is an overlap
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of the available SAR images. About 110 km of the QTEC region from Wudaoliang to Tuotuohe was
selected as the study object. The daily air temperature in Wudaoliang weather station from 1997 to
2018 was collected. Figure 3 shows the daily air temperature in our study area from 1997 to 2018.
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Figure 2. Field photos of the study area in August 2014. (A) alpine meadow, (B) alpine desert,
(C) thermokarst lake, (D) QTR, (E) Qinghai-Tibet Highway (QTH), and (F) electric transmission
power line.
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Figure 3. Daily air temperature in Wudaoliang from 1997 to 2018.

2.2. Datasets

To reveal the ground deformation in the study area in the selected 20-year period, SAR images
from three different satellites were collected. There are ERS-1 SAR images acquired from October
1997 to December 1999; ENVISAT SAR images from November 2004 to July 2010, and Sentinel-1A
SAR images from April 2015 to December 2018. The coverages of the above SAR stacks are shown in
Figure 1. The amplitude of the Sentinel-1A along QTEC is show in the bottom of Figure 1. The QTR
and QTH can been easily observed due to their strong back scattering. The acquisition parameters
of the three SAR images are listed in Table 2. Unfortunately, time gaps, where no SAR images are
acquired, exist 2002–2004 and 2009–2015. SRTM DEM data with a spatial resolution of 30 m were
adopted to remove the topographic phase.
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Table 2. SAR image numbers and parameters used in this study.

Sensors Start and
End Date

Acquisitions
(n)

Incidence
Angle (◦) Polarization

Pixel
Spacing/

Range (m)

Pixel Spacing/
Azimuth (m)

ERS-1 1997-04-24 to
1999-12-30 9 19.3~26.5 VV 7.9 3.9

ENVISAT 2004-11-18 to
2010-07-15 39 18.6~26.2 VV 7.8 4

Sentinel-1A 2015-04-13 to
2018-12-17 40 30.7~37.6 VV 5 20

3. Methodology

3.1. InSAR Processing

Studies have demonstrated that the main challenges and limitations of the InSAR technique in
detecting the ground deformation in the permafrost region are the serious temporal decorrelation and
non-linear deformation trends caused by the seasonal thaw-freeze process of active layer [31,37,46,47].
It is difficult to obtain sufficiently stable measurement points due to the above limitations. In this study,
the small baseline strategy was applied to suppress the temporal decorrelation.

Firstly, all the SAR images were co-registered. Then, a multi-temporal InSAR data processing
strategy was used to retrieve ground deformation. Considering the different attribute of SAR stacks
with different wave lengths, different small baseline strategies were adopted for those SAR stacks [48].
Through previous studies, the temporal decorrelation is serious in permafrost region, so the temporal
baseline (350 days) is no longer than one year. Consideration the orbit accuracy of different sensors
and the time sampling of SAR images, the normal baseline threshold values are 800 m, 500 m,
and 200 m for ERS, ENVISAT and Sentinel-1A, respectively. For ERS-1 and ENVISAT, the multi-looking
with 5 × 1 looks in the azimuth and range direction was performed, respectively. For Sentinel-1A,
the multi-looking with 1 × 4 looks in the azimuth and range direction were performed. After all the
interferograms have been generated, each of the interferograms were checked, and the interferograms
with serious temporal decorrelations were rejected for deformation retrieval. Finally, we obtained
a total number of 17 ERS-1 interferograms (normal baseline < 800 m and temporal baseline < 350
days), 105 ENVISAT ASAR interferograms (normal baseline < 500 m and temporal baseline < 350
days), and 131 Sentinel-1A interferograms (normal baseline < 200 m and temporal baseline < 350 days).
Figure 4 shows the spatial and temporal baseline configuration of the three SAR stacks. The differential
interferometric phase is generated by removing the topographic phase from the interferograms using
the SRTM DEM data. To suppress the noise in the interferograms, the Goldstein filtering method was
applied [49].
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3.2. Seasonal and Long-Term Deformation Model

The thaw-freeze process of the active layer is complex and correlated with many factors, such as
vegetation, snow, soil moisture, soil properties and temperature [7]. In permafrost regions, the seasonal
deformation component is larger than the annual deformation. Therefore, using an appropriate seasonal
phase model to monitor the thawing-freezing process of the permafrost is essential. Mathematical
models, such as the sinusoidal model [33,36,50] and cubic term model [31] have been proposed
to retrieved the seasonal deformation of permafrost. However, the seasonal deformation term is
much complicated and is closely related to Environmental and climatic factors, such as temperature,
soil moisture. These environmental and climatic factors should be considered. Liu et al. [51] introduced
a seasonal model based on the Stefan model in the Alaska permafrost region, which describes the
relationship between the thaw depth and the square root of the accumulated degree days of thawing
(ADDT). The Stefan equation is widely used to estimate the thaw depth. This deformation model is
based on the cumulative temperature and is reasonable, which have been successfully applied in QTP
regions [37,38]. In this study, we adopted a deformation model combining a linear subsidence term for
the long-term permafrost thaw subsidence and seasonal deformation term for the seasonal thawing
and freezing of the active layer.

The deformation model is defined as follows:

ds = R·t + At·

√
ADDT(t1) −A f ·

√
ADDF(t2) + ε (1)
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where, R is the long-term deformation rate, At and Af are the thawing and freezing deformation
coefficients, respectively; and ADDT and ADDF are the accumulated degree days of thawing and
freezing, respectively. ADDT reaches its the maximum at the end of the thawing season. The daily ADDT
and ADDF were calculated based on the air temperature measured at the Wudaoliang Meteorological
station. Due to the sporadic acquisitions of ERS-1 images, a deformation model without a seasonal
term was used for ERS-1 datasets.

3.3. Calculation of ADDT and ADDF

The thawing and freezing onsets of the active layer are fixed as 1 May and 15 September,
respectively [21,37]. However, the freezing and thawing onsets change every year in the QTP.
Error would occur if we assume that the thawing and freezing onsets were the same in every year.
In QTP, the length of freezing season is longer than the of thawing season. Generally, a uniform
thawing and freezing onsets of the active layer are chosen based on temperature observation data.
In this study, we first used the following model to monitor temperature:

T(t) = a0 + a1 cos(t·w) + a2 sin(t·w) (2)

where, T (t) is the temperature on day t. a0, a1, a03, and w are the parameters. For each year, we used
this model to monitor the annual temperature and identify the thawing and freezing onsets in each year.

Figure 5 shows the time-series temperature of each year from 1997 to 2018. Most of the 20 years of
temperature data were modeled accuracy with a coefficient of determination (R2) > 0.9 and root mean
square error (RMSE) < 2.7. Figure 5 shows that the onsets of thawing and freezing changed every
year. Through the monitoring results, we identified the onsets of thawing and freezing and relatively
accurately calculate the ADDT and ADDF each year.
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3.4. Time-Series InSAR Method

3.4.1. Coherence Point (CP) Selection

CPs are those points with high coherence and stable amplitude value during the whole observation
period. In permafrost area, the ground feature includes four types: permafrost engineering,
Thermokarst Lake, alpine meadow, alpine desert (Figure 2). In order to exclude the water bodies,
vegetated areas and other decorrelated areas from the CPs, the thresholds of coherence and the
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dispersion of amplitude are both used to identify the CPs. In this paper, the coherence threshold value
is 0.65 and the dispersion amplitude threshold value is 0.25.

3.4.2. Topographic and Orbit Error Removal

The atmospheric delay is influential in high latitude mountainous regions. Our study area has
an average elevation of over 4400 m with some mountains. In the mountainous areas, the stratified
troposphere can produce serious atmospheric delays in the interferograms. Obvious residual orbital
phase was in some interferograms. In this paper, to remove those phase ramps, we applied a phase
ramps correction model combining a biquadratic model for orbital phase ramps and a linear model for
elevation dependents errors [52]:

ϕ(x, y)ramp = a0 + a1·x + a2·x2 + a3·x·y + a4·y + a5·y2 + a6·h + ε(x, y) (3)

where, ϕ(x, y)ramp is the modeled phase ramps, ε(x, y) is the random phase error, ai represents the
estimated parameters. The interferograms with obvious phase ramps were corrected using this model.
After that correction process, we assumed that most of the topography related phase errors (DEM error
and atmospheric delay) have been removed.

3.4.3. Atmospheric Phase Screen (APS) Removal

The residual phases for each interferogram were calculated by subtracting the estimated LP
deformation and topographic error phase from the differential interferograms and unwrapped by the
sparse Minimum Cost Flow (MCF) method [53]. The atmospheric phase was considered to consist
of two components: topography related and non-topographic related [54]. The two components
were estimated separately. The topography related component can be estimated by the M-estimated.
The non-topographic related atmospheric phase component is highly correlated in space but poorly in
time, which can be estimated from the resultant phase based on the low pass filtering operation in
spatial domain and high pass filtering operation in the temporal domain. After removing the APS
from each interferogram and applying additional least-square estimation, we obtained the time-series
deformation map.

3.4.4. Parameter Estimation

After identification of the CPs, all the CPs were connected to further remove the effects of the
atmospheric delay. The differences of those differential interferometric phase between the neighboring
CPs in the ith interferograms can be written as:

∆ϕi
model = ∆ϕde f ,i(∆R, ∆A) + ∆ϕtopo,i(∆τ) + ∆εi (4)

where, ∆ϕi
model is the model phase difference of the neighboring two CPs in the ith interferograms.

∆R and ∆A are the differential rate of linear deformation and seasonal deformation (Equation (1)),
respectively; ∆ϕtopo,i is the residual topographic phase due to the DEM error (∆τ); ∆εi denotes the
phase noise.

The identified CPs were firstly connected based on the Delaunay triangulation network. Then,
the differential phase of all the edges were calculated, which is beneficial to further remove atmospheric
and orbital errors. The parameters ∆R, ∆A, and ∆τ were optimally estimated for all of the edges
using the periodogram approach [24]. After the differential parameters of all the edges had been
estimated, a quality test was performed to reject links with temporal coherence lower than the threshold.
In our experiment, the temporal coherence the threshold value is 0.7. Moreover, the edges with the
length larger than 3 km were also rejected to mitigate the spatially-correlated phase errors, such as
atmospheric delay. Then, a reference point was selected and we used the least-squares estimation to
derive the parameters (R, A, and τ) of each point. We applied the temporal coherence as a weighting
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function during the inversion process. The estimated R and A are along the slant light of sight (LOS)
direction. We assumed that the detected deformation is in vertical direction, and the LOS estimated
deformation was converted to the vertical direction by dividing the cosine of the average incidence
angles. The specific procedures of the approach are illustrated in Figure 6.
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4. Results and Analysis

4.1. InSAR Results

Using the time-series InSAR method described above, the estimated average ground deformation
rate along QTEC from the Wudaoliang to Tuotuohe sections using three C-band SAR stacks from
1997 to 2018 have been generated, including the deformation rate from 1997 to 1999 calculated with
ERS-1 data (see Figure 7a), the deformation rate from 2004 to 2010 calculated using ENVISAT data (see
Figure 7b), and the deformation rate from 2015 to 2018 calculated using Sentinel-1A data (see Figure 7c).
The reference point (red star, Figure 7) was selected at the railway bridge. Negative deformation
velocity represents an increasing distance with time away from the radar satellite; and positive
deformation velocity indicates a decreasing distance towards the radar satellite. About over 100 km of
the QTEC have been monitored. 40,760 CPs were detected for the ERS-1 along QTEC, and 125,522
CPs were detected for the ENVISAT, 217,096 CPs were selected for the Sentinel-1A. Figure 7d–f depict
the estimated DEM errors of ERS-1, ENVISAT, and Sentinel-1A, respectively. The estimated DEM
error ranged from −20 m to 10 m in most of the study area, which is consistent with the relative
accuracy of the SRTM DEM. Most of the CPs are corresponded to QTR and QTH embankments,
rocky mountains, and other artificial engineering structures. Before the 1999, the QTR and QTH were
not completely constructed and few CPs were detected for ERS-1 data. For the Sentinel-1A, more SAR
images are collected per year and more interferograms with less baseline were generated, so more CPs
were detected.
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Figure 7. Estimated average ground deformation rate along the QTEC in (a) 1997–1999, (b) 2004–2010,
and (c) 2015–2018 derived from the ERS-1, ENVISAT and Sentinel-1A data, respectively. The red star is
the reference point. (d–f) are the corresponding estimated DEM error.
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The ground deformation rate along the QTEC ranges from −10 to +10 mm/year during the
1997–1999 observation period derived from ERS-1 data. For the ENVISAT and Sentinel-1A experiments,
the estimated deformation velocity was primarily in the range of −20 to +10 mm/year. The spatial
distribution of the deformation before 2004 was quite different from those after 2004, and the
deformation rate of the ERS-1 was inaccurate due to the few SAR datasets and heterogeneous
spatial-temporal baseline.

In this study, we choose the QTR as an example to analyze the deformation of permafrost
engineering. Figure 8 shows the deformation rate profile of QTR (from points P1 to P1 in Figure 7c)
from 1997 to 2018. Through the above result, we found that before the opening of the QTR in 2006,
the ground deformation along was relatively minimal. After the opening of the QTR, the overall mean
deformation rate at the beginning and the end of QTR was within 10 mm/year. Four regions with
obvious ground deformation in recent year have been detected. Regions A (Beiluhe) and B (south
of Fenghuo Mountain) showed an obvious subsidence area, with the largest deformation rate being
15 mm/year. From 2015 to 2018, two more QTR section with ground deformation, Region C (Tuotuohe)
and D, were detected, with the maximum ground displacement velocity over 17 mm/year. In some
sections of the QTR, some cracks were found on the embankment shoulder and slopes through our
field investigation. Long term monitoring is necessary in those areas. The surface subsidence along
the embankment of QTR was primarily in the range of −20 mm/year to 5 mm/year. Human activities,
such as embankment construction and railway operation, disrupt the original hydrothermal balance of
the active layer, contributing to the obvious ground settlements [31].

Sensors 2019, 19, x FOR PEER REVIEW 12 of 23 

 

The ground deformation rate along the QTEC ranges from −10 to +10 mm/year during the 1997–

1999 observation period derived from ERS-1 data. For the ENVISAT and Sentinel-1A experiments, 

the estimated deformation velocity was primarily in the range of −20 to +10 mm/year. The spatial 

distribution of the deformation before 2004 was quite different from those after 2004, and the 

deformation rate of the ERS-1 was inaccurate due to the few SAR datasets and heterogeneous spatial-

temporal baseline. 

In this study, we choose the QTR as an example to analyze the deformation of permafrost 

engineering. Figure 8 shows the deformation rate profile of QTR (from points P1 to P1 in Figure 7c) 

from 1997 to 2018. Through the above result, we found that before the opening of the QTR in 2006, 

the ground deformation along was relatively minimal. After the opening of the QTR, the overall mean 

deformation rate at the beginning and the end of QTR was within 10 mm/year. Four regions with 

obvious ground deformation in recent year have been detected. Regions A (Beiluhe) and B (south of 

Fenghuo Mountain) showed an obvious subsidence area, with the largest deformation rate being 15 

mm/year. From 2015 to 2018, two more QTR section with ground deformation, Region C (Tuotuohe) 

and D, were detected, with the maximum ground displacement velocity over 17 mm/year. In some 

sections of the QTR, some cracks were found on the embankment shoulder and slopes through our 

field investigation. Long term monitoring is necessary in those areas. The surface subsidence along 

the embankment of QTR was primarily in the range of −20 mm/year to 5 mm/year. Human activities, 

such as embankment construction and railway operation, disrupt the original hydrothermal balance 

of the active layer, contributing to the obvious ground settlements [31]. 

 

Figure 8. Deformation rate profile along the QTR, from point P1 to point P2 in Figure 7c. 

4.2. Regional Analysis 

Figure 8. Deformation rate profile along the QTR, from point P1 to point P2 in Figure 7c.



Sensors 2019, 19, 5306 13 of 23

4.2. Regional Analysis

Obvious deformation along QTEC was detected in three areas as enclosed by the red dashed ellipses
in Figure 7 corresponding to the regions prone to subsidence based on previous investigations [37,46],
i.e., Beiluhe, Fenghuo Mountain, and Tuotuohe areas. To analyze the deformation pattern along the
QTEC, the detected obvious ground deformation regions in Beiluhe (Figures 9 and 10), Fenghuo
Mountain (Figure 11), and Tuotuohe (Figure 12) are analyzed in detailed. A closer analysis of those
three areas is provided below.

4.2.1. Beiluhe

The Beiluhe basin region is in the tundra of Hoh Xil and is underlain by cold permafrost. The terrain
is relatively flat and most of the slope is less than 40◦. The soil moisture content in the surface is
high in the summer season and can reach 0.3 [55]. The vegetation coverage ranges from 0.3 to 0.9,
which would contribute to serious temporal decorrelation. The Beiluhe permafrost region has been
undergoing serious ground deformation in recent decades [5,7].

Figure 9 shows the mean LOS displacement rate in the Beiluhe permafrost region. Most of the
selected points were located on the embankment of QTR and QTH. Fewer CPs are located on the
alpine meadow areas due to serious temporal decorrelation. The primary displacement rate was in
the range of −6 to 5 mm/year during 1997–1999 from ERS-1 dataset. The ENVISAT and Sentinel-1A
results showed obvious ground deformation trend, with the larger deformation rate of −10 mm/year
and −15mm/year respectively. Most of the deformation points are in the south of the region, which is
consistent with the finding reported in previous studies [37,43].
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Figure 9. Permafrost ground deformation rate at the Beiluhe region from InSAR in 1997–2018. (a) ERS-1
1997–1999, (b) ENVISAT 2004–2010, (c) Sentinel-1A 2015–2018, and (d) the corresponding Google map.

During the field investigations in 2014 and 2015, some surface cracks or fissures of about 20 cm
along the QTEC and alpine meadow regions were found in the Beiluhe regions, as shown in Figure 10a–c.
The long-term active layer thawing-freezing effect caused long cracks in the alpine meadow areas.
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Figure 10. Field photos with surface cracks and fissures in the Beiluhe region (March 2015). (a) Photo
taken at the point M1 in Figure 9d. (b) and (c) Photos taken at the point M2 in Figure 9d.

4.2.2. Southern of Fenghuo Mountain

The Fenghuo Mountain, with an average elevation of more than 5000 m, is to the southeast of
Hoh Xil, 380 km away from the city of Golmud. The 1.33 km long QTR Fenghuo Mountain tunnel was
successfully traversed on 19 October, 2002. Figure 7 shows that the ground along the QTR Fenghuo
Mountain tunnel was stable from 2004 to 2018 and no obvious deformation trend has detected. In the
south of Fenghuo Mountain, visible ground displacement was found per the InSAR results. Figure 11
shows the mean LOS displacement rate at the south of the Fenghuo Mountain region. The ERS-1
result in Figure 11a shows that the ground is stable and the displacement rate is mostly less than
−5 mm/year. During 2004–2010, the InSAR results showed obvious ground deformation in the north.
During 2015–2018, the surface deformation was more severe, and obvious deformations have occurred
throughout the region. The largest was −20 mm/year during 2015–2018. Most of the QTR embankment
showed a minor deformation rate.
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Figure 11. Permafrost ground deformation rate in the south of Fenghuo Mountain from InSAR during
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corresponding Google map.

4.2.3. Tuotuohe

The average elevation of Tuotuohe region is about 4780 m. The ALT ranges from 1 to 4 m. Figure 12
shows the average deformation rate of Tuotuohe region during 1997–2018 from the ERS-1, ENVISAT
and Sentinel-1A datasets. In the ERS-1 and ENVISAT deformation results (Figure 12a,b respectively),
no obvious deformation area was found. From 2015 to 2018, serious deformation was found in this
area, marked by red dotted ellipses. The largest deformation rate was over −20 mm/year per the
Sentinel-1A results. Subsiding regions were found around the embankment of the QTR, which will be
analyzed in the following section.

Figure 13 shows the time series displacement of the three selected points in this region. Because the
number of the ERS was small, the timeseries displacements were analyzed for ENVISAT and sentinel-1A.
The long-term subsidence was probably caused by melting of ground ice near the permafrost table [21].
The seasonal trend was remarkable, reflecting the effects of the thawing and freezing of the active
layer. Points A, B and C exhibited the accumulative deformation less than 40 mm from 1997 to 2010.
For the Sentinel-1A results, the time series displacement of the three points showed a similar seasonal
trend, with the deformation rates of −8.5 mm/year, −20.1 mm/year and −11.9 mm/year, respectively.
The accumulative displacement of Point B was 120 mm from 2015 to 2018. With time, deformations in
parts of the Tuotuohe regions intensified. An increasing deformation trend was found in this region.
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Figure 13. Time-series deformation of Point A, B, and C from 2004–2010 (ENVISAT) and 2015–2018
(Sentinel-1A). The hollow triangle indicates the time-series displacement using the InSAR method,
and the black polylines denote the modeled deformation.

4.3. Deformation Analysis

4.3.1. Deformation and Permafrost Thermal Regimes

In the last 2010s, the permafrost in QTP underwent serious degradation due to global warming.
During the period from 1961 to 2007, the observed air temperatures over the QTP showed a rising
trend, with a mean increasing rate of 0.037 ◦C/year [56]. Against the background of global warming,
the air temperatures over the QTP continued to rise. The ground deformation was a manifestation
of the degeneration of the permafrost. The mean annual ground temperature (MAGT) is often
used for permafrost thermal regime mapping on a large scale. The MAGT is correlated with the
elevation, local slope, soil properties, vegetation, location, and other factors [43]. Lu et al. [57] proposed
a relationship model between MAGT and the elevation, latitude and slope aspects from 29 boreholes
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along the QTEC from Beiluhe to Fenghuo Mountain. The multi-correlation coefficient is significant
with a value of 0.936. The study area in Lu et al. [57] is the same as our study site and the model is easy
to application. So, the model is used to monitor the MAGT and evaluate the stability of the permafrost
in our study site.

The modeled MAGT of the study site is shown in Figure 14. The modeled MAGTs were the
lowest for the Fenghuo Mountain areas with the temperature of less than −2.0 ◦C and the highest
for the river valley areas Tuotuohe with the temperature above 0 ◦C. For the Beiluhe basin areas,
the relatively warm MAGTs ranged from −2.0 to 0 ◦C. The modeled MAGTs are consistent with the
latest researches on MAGTs in QTP [58,59]. Comparing Figures 7 and 14, we found that the subsiding
regions are consistent with the ground with high MAGT value; the Tuotuohe and Beiluhe regions have
experienced undergone serious ground deformation in recent years. High MAGTs would contribute to
the acceleration of permafrost thawing and then increase the settlement of the ground.
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4.3.2. Deformation and Thaw Slumping

Thermokarst lakes have been developing along the QTEC as a result of increased human activity
and ongoing climate warming [60]. The thermokarst lakes and thaw slumping have been observed more
frequently in permafrost areas, such as the Beiluhe region and Fenghuo Mountain [61]. Thaw slumping
has occurred near the embankments of QTR and QTH. In the regions with obvious ground deformation
in our study area, some thaw slumps have been observed in the Tuotuohe region through the time
series SAR amplitude maps.

Figure 15 shows the time-series amplitude maps of the Tuotuohe area from 2007 to 2018, the same
area as that shown in Figure 12. At least three areas, marked as R1, R2 and R3, underwent thaw
slumping throughout the whole observation period. By comparing Figures 12 and 15, we found that
from 2007 to 2018, the areas experiencing thaw slumping in the three regions have increased by 0.435,
0.679, 0.317 km2, respectively (Table 3). The distributions of thaw slumps areas are consistent with
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the ground deformation. The formation of thaw slumps may be initiated by several processes that
expose ice-rich permafrost sloping terrain, which contributes to serious ground deformation [59].
The observed increase in areas of thermokarst lakes or thaw slumping regions indirectly validates our
retrieved ground deformation result.
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water regions between 26 July 2007 and 7 August 2018. The blue polygon indicates 26 July 2007 and the
red polygon indicates 7 August 2018. The yellow arrows indicate the water regions: R1, R2, and R3.

Table 3. Areas of regions R1, R2 and R3 between 2007-07-26 and 2018-08-07.

Region
Areas (km2)

26 July 2007 7 August 2018 Change

R1 0.023 0.458 0.435
R2 0.068 0.747 0.679
R3 0.244 0.561 0.317

5. Discussion

We think that most of the embankments and foundations of the permafrost along QTEC are
stable, but some sections are still experiencing obvious deformation. Based on the 20 years of InSAR
observations, at least three regions have been identified as undergoing serious ground deformation,
consistent with the previous studies in the QTP [30,31]. The ground deformation tends to expand.
The embankments of QTR and QTH around Fenghuo Mountains should be reinforced as should points
A, B and C near the Tuotuohe regions.

To evaluate the estimated results, the levelling measurement data should be collected. Because
it is difficult for us to collect the levelling data in QTEC region, the estimated results could not be
directly validated. However, several pieces of ground deformations evidences have been found in
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our field investigations that indirectly verifies the results. In the Beiluhe sections, visible fissures
have been found in the QTR subgrade and alpine meadow region (Figure 10). We also compared
our results with the previous studies in the QTP permafrost area (Table 1). In the Beiluhe area,
several studies have been conducted on the deformation of permafrost using InSAR. Chen et al. [31]
retrieved the ground deformation along the QTR in the Beiluhe area using C- and L-band small
SAR interferometry. The estimated surface deformation rate along embankment ranges from −20 to
+20 mm/year. Li et al., [32] monitored the surface deformation in the Beiluhe area using InSAR with
ENVISAT images. The deformation velocity near the QTR embankment was larger than −10 mm/year.
Similarly, our previous studies in the Beiluhe regions with TerraSAR-X ST mode images showed
the similar deformation trends, with the deformation rate ranging from −20 to 0 mm/year [37].
Our retrieved ground deformation rate is consistent with those studies. The small differences between
our findings and those reported by the previous studies are due to the following aspects: (1) different
band SAR images and the InSAR processing method were used, which contributed to this difference,
and (2) the observation periods were difference. Despite these case studies being conducted at different
time periods, the gradual subsidence trends were all in the order of centimeters per year, similar to our
reported subsidence trends. Most of the previous studies used the SAR images acquired before 2010.
In this study, the latest ground deformation along QTEC were obtained.

There are three limitations in this study. Firstly, due to the complexity of the permafrost thawing
and freezing process, monitoring the ground deformation using a physical equation was challenging.
Linear [29,46], cubic polynomial [31], seasonal [33,36,49], and equation with climatic factors [35] and
temperature [21,37,51] phase models have been used. These models have been applied successfully in
some permafrost regions. Many other factors, such as vegetation coverage, soil moisture, snow cover,
and solar radiation, should be considered in the future when monitoring the permafrost deformation.

Another limitation of the InSAR applications on permafrost regions is the temporal
decorrelations [31,46]. The permafrost surface experiences dynamic environmental conditions and
severe climate change from summer to winter season, which result in the dramatic temporal variations
in the ground surface. Many studies used the SAR datasets acquired in the winter season [21,51] or use
the L-band SAR images [62] to suppress the temporal decorrelations. Some methods and advanced
methods have been proposed to solve this difficulty. Daout et al., 2017 used a PCA approach to help
for the unwrapping in the decorrelated permafrost environment [39]. With the launches of satellites
with long-wavelength SAR sensors such as ALOS-2, and the shortening of the satellite revisit cycle,
and the development of advanced algorithm, InSAR technology (distributed scatterer interferometry,
DSI) [63], the temporal decorrelation will be largely suppressed.

Last, comparing the estimated deformation rate and DEM error term, we found that they are the
trade-offs for the ERS-1 images. We think at least two factors contribute to this. Firstly, a covariance
exists between the temporal and perpendicular baseline, especially for ERS-1 data. The smaller the
spatial perpendicular baseline, the higher the quality of the interferograms. The smaller the temporal
baseline, the higher the quality of the interferograms. However, in the permafrost areas, the quality
of the interferograms would be better between two images acquired in the same season with large
temporal baseline and some interferograms with small temporal baseline are rejected due to serious
temporal decorrelation. Secondly, in the permafrost region, the deformation may be correlated with
the topography. Most of the subsiding areas are the plane regions (Beiluhe and Tuotuohe). In the
mountainous areas, the deformation rate is small and stable. More SAR images with short revisit cycle
are needed in the future research.

6. Conclusions

In this paper, we presented an application using the time-series InSAR technique with multisensory
SAR datasets to monitor the permafrost ground deformation along the QTEC from 1997 to 2018.
A deformation model combining a linear subsidence term and seasonal deformation term was adopted
in the time-series InSAR method to exploit the permafrost ground deformation. Three deformation rate
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maps along a 100 km stretch of the QTEC were generated from 9 ERS-1, 39 ENVISAT, and 41 Sentinel-1A
images. The three independent InSAR measurement results showed a consistent deformation trend
and most of the ground surface along the QTEC was stable with the deformation rate ranging from
−10 to 10 mm/year. The conclusions are summarized as follows:

(1) Before the operation of the QTR, the QTEC from Wudaoliang to Tuotuohe was in stable with
a deformation velocity of less than −5 mm/year from ERS-1 images. The embankment of the
engineering structure was considered stable. The thawing and freezing of the active layer were
the main deformation driving-forces. After the QTR started operation and the human activities
increased, some sections of the QTEC were underwent obvious deformation, and the deformation
has increased more recently.

(2) From 2015 to 2018, obvious deformation was found in three areas: Beiluhe, southern of Fenghuo
Mountain, and Tuotuohe, with the large deformation rates of over −20 mm/year. Real-time
deformation monitoring must be conducted in these sections. The subsiding areas are consistent
with the permafrost areas with large MAGTs.

(3) This work demonstrated the potential of the time-series InSAR for the surveillance of the state of
QTEC on a large scale. Interferometric decorrelation is still one of the problems for time-series
InSAR monitoring of the ground deformation in permafrost region. With the proposed innovative
methods and newly-launched SAR systems with shorter revisit cycles (Sentinel-1A/1B and
TerraSAR-L), higher temporal sampling allows us to better characterize the ground deformation
related to the process of permafrost thawing and freezing.

In future work we will focus on investigating the three-dimension deformation in permafrost
regions using multiple satellites SAR images, and retrieving the geophysical parameters of permafrost
such as the active layer thickness, on a larger scale.

Author Contributions: All four authors contributed to this work. M.W. collected the SAR data and provided
valuable suggestions for the revision. Z.W. provided the validation and analysis. X.L. implemented the
methodology, results interpretation. Z.Z. designed the research program and supervised the research and finished
the manuscript.

Funding: Please add: This work was supported in part by the funded the National Natural Science Foundation of
China under Grant (41801348, 61801443, 41771467), the Open Research Fund of Key Laboratory of Digital Earth
Science, Institute of Remote Sensing and Digital Earth, Chinese Academy of Sciences (No. 2017LDE006) and the
State Key Laboratory of Resources and Environmental Information System.

Acknowledgments: The authors would like to thank European Space Agency (ESA) for providing free and open
Sentinel-1A data, ERS-1 and Envisat Historical archived data.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Short, N.; Brisco, B.; Couture, N.; Pollard, W.; Murnaghan, K.; Budkewitsch, P. A comparison of Terrasar-x,
Radarsat-2 and ALOS-PALSAR interferometry for monitoring permafrost environments, case study from
Herschel Island, Canada. Remote Sens. Environ. 2011, 115, 3491–3506. [CrossRef]

2. Widhalm, B.; Bartsch, A.; Leibman, M.; Khomutov, A. Active-layer thickness estimation from x-band SAR
backscatter intensity. Cryosphere 2017, 11, 483–496. [CrossRef]

3. Liu, X.; Chen, B. Climatic warming in the Tibetan Plateau during recent decades. Int. J. Climatol. 2000, 20,
1729–1742. [CrossRef]

4. Osterkamp, T.E. Characteristics of the recent warming of permafrost in Alaska. J. Geophys. Res. Earth Surf.
2007, 112. [CrossRef]

5. Wu, Q.; Zhang, T.; Liu, Y. Permafrost temperatures and thickness on the Qinghai-Tibet Plateau. Global Planet.
Chang. 2010, 72, 32–38. [CrossRef]

6. Niu, F.; Lin, Z.; Liu, H.; Lu, J. Characteristics of thermokarst lakes and their influence on permafrost in
Qinghai–Tibet Plateau. Geomorphology 2011, 132, 222–233. [CrossRef]

http://dx.doi.org/10.1016/j.rse.2011.08.012
http://dx.doi.org/10.5194/tc-11-483-2017
http://dx.doi.org/10.1002/1097-0088(20001130)20:14&lt;1729::AID-JOC556&gt;3.0.CO;2-Y
http://dx.doi.org/10.1029/2006JF000578
http://dx.doi.org/10.1016/j.gloplacha.2010.03.001
http://dx.doi.org/10.1016/j.geomorph.2011.05.011


Sensors 2019, 19, 5306 21 of 23

7. Cheng, G. A roadbed cooling approach for the construction of Qinghai–Tibet Railway. Cold Reg. Sci. Technol.
2005, 42, 169–176. [CrossRef]

8. Ma, W.; Mu, Y.; Wu, Q.; Sun, Z.; Liu, Y. Characteristics and mechanisms of embankment deformation along
the Qinghai–Tibet railway in permafrost regions. Cold Reg. Sci. Technol. 2011, 67, 178–186. [CrossRef]

9. Wu, Q.; Shi, B.; Fang, H.Y. Engineering geological characteristics and processes of permafrost along the
Qinghai–Xizang (Tibet) Highway. Eng. Geol. 2003, 68, 387–396. [CrossRef]

10. He, R.; Jin, H. Permafrost and cold-region environmental problems of the oil product pipeline from Golmud
to Lhasa on the Qinghai–Tibet Plateau and their mitigation. Cold Reg. Sci. Technol. 2010, 64, 279–288.
[CrossRef]

11. Yu, Q.; Zhang, Z.; Wang, G.; Lei, G.; Wang, X.; Wang, P.; Bao, Z. Analysis of tower foundation stability along
the qinghai–tibet power transmission line and impact of the route on the permafrost. Cold Reg. Sci. Technol.
2016, 121, 205–213. [CrossRef]

12. Jin, H.; Wei, Z.; Wang, S.; Yu, Q.; Lü, L.; Wu, Q.; Ji, Y. Assessment of frozen-ground conditions for engineering
geology along the Qinghai–Tibet highway and railway, China. Eng. Geol. 2008, 101, 96–109. [CrossRef]

13. Cheng, G.; Wu, T. Responses of permafrost to climate change and their environmental significance,
qinghai-tibet plateau. J. Geophys. Res. 2007, 112. [CrossRef]

14. Pastick, N.J.; Jorgenson, M.T.; Wylie, B.K.; Nield, S.J.; Johnson, K.D.; Finley, A.O. Distribution of near-surface
permafrost in Alaska: Estimates of present and future conditions. Remote Sens. Environ. 2015, 168, 301–315.
[CrossRef]

15. Rouyet, L.; Lauknes, T.R.; Christiansen, H.H.; Strand, S.M.; Larsen, Y. Seasonal dynamics of a permafrost
landscape, Adventdalen, Svalbard, investigated by InSAR. Remote Sens. Environ. 2019, 231, 111236. [CrossRef]

16. Amelung, F.; Galloway, D.L.; Bell, J.W.; Zebker, H.A.; Laczniak, R.J. Sensing the ups and downs of lavages:
InSAR reveals structural control of land subsidence and aquifer-system deformation. Geology 1999, 27, 483.
[CrossRef]

17. Massonnet, D.; Briole, P.; Arnaud, A. Deflation of Mount Etna monitored by spaceborne radar interferometry.
Nature 1995, 375, 567–570. [CrossRef]

18. Massonnet, D.; Rossi, M.; Carmona, C.; Adragna, F.; Peltzer, G.; Feigl, K.; Rabaute, T. The displacement field
of the Landers earthquake mapped by radar interferometry. Nature 1993, 364, 138–142. [CrossRef]

19. Liu, Y.; Zhao, C.; Zhang, Q.; Yang, C.; Zhang, J. Land subsidence in Taiyuan, China, monitored by InSAR
technique with multisensor SAR datasets from 1992 to 2015. IEEE J. Sel. Top. Appl. Earth Obs. Remote Sens.
2018, 11, 1509–1519. [CrossRef]

20. Ma, P.; Wang, W.; Zhang, B.; Wang, J.; Shi, G.; Huang, G.; Chen, F.; Jiang, L.; Lin, H. sensing large- and
small-scale ground subsidence: A case study of the Guangdong–Hong Kong–Macao Greater Bay Area of
China. Remote Sens. Environ. 2019, 232, 111282. [CrossRef]

21. Liu, L.; Schaefer, K.; Zhang, T.; Wahr, J. Estimating 1992–2000 average active layer thickness on the Alaskan
North Slope from remotely sensed surface subsidence. J. Geophys. Res. Earth Surf. 2012, 117. [CrossRef]

22. Short, N.; Leblanc, A.M.; Sladen, W.; Oldenborger, G.; Mathon-Dufour, V.; Brisco, B. Radarsat-2 D-InNSAR
for ground displacement in permafrost terrain, validation from Iqaluit airport, Baffin Island, Canada. Remote
Sens. Environ. 2014, 141, 40–51. [CrossRef]

23. Zebker, H.A.; Villasenor, J. Decorrelation in interferometric radar echoes. IEEE Trans. Geosci. Remote Sens.
1992, 30, 950–959. [CrossRef]

24. Ferretti, A.; Prati, C.; Rocca, F. Nonlinear subsidence rate estimation using permanent scatterers in differential
SAR interferometry. IEEE Trans. Geosci. Remote Sens. 2002, 38, 2202–2212. [CrossRef]

25. Hooper, A.; Zebker, H.; Segall, P.; Kampes, B. A new method for measuring deformation on volcanoes and
other natural terrains using INSAR persistent scatterers. Geophys. Rese. Lett. 2004, 31. [CrossRef]

26. Berardino, P.; Fornaro, G.; Lanari, R.; Sansosti, E. A new algorithm for surface deformation monitoring based
on small baseline differential SAR interferograms. IEEE Trans. Geosci. Remote Sens. 2002, 40, 2375–2383.
[CrossRef]

27. Mora, O.; Mallorqui, J.J.; Broquetas, A. Linear and nonlinear terrain deformation maps from a reduced set of
interferometric SAR images. IEEE Trans. Geosci. Remote Sens. 2003, 41, 2243–2253. [CrossRef]

28. Perissin, D.; Wang, T. Repeat-pass SAR interferometry with partially coherent targets. IEEE Trans. Geosci.
Remote Sens. 2012, 50, 271–280. [CrossRef]

http://dx.doi.org/10.1016/j.coldregions.2005.01.002
http://dx.doi.org/10.1016/j.coldregions.2011.02.010
http://dx.doi.org/10.1016/S0013-7952(02)00242-9
http://dx.doi.org/10.1016/j.coldregions.2010.01.003
http://dx.doi.org/10.1016/j.coldregions.2015.06.015
http://dx.doi.org/10.1016/j.enggeo.2008.04.001
http://dx.doi.org/10.1029/2006JF000631
http://dx.doi.org/10.1016/j.rse.2015.07.019
http://dx.doi.org/10.1016/j.rse.2019.111236
http://dx.doi.org/10.1130/0091-7613(1999)027&lt;0483:STUADO&gt;2.3.CO;2
http://dx.doi.org/10.1038/375567a0
http://dx.doi.org/10.1038/364138a0
http://dx.doi.org/10.1109/JSTARS.2018.2802702
http://dx.doi.org/10.1016/j.rse.2019.111282
http://dx.doi.org/10.1029/2011JF002041
http://dx.doi.org/10.1016/j.rse.2013.10.016
http://dx.doi.org/10.1109/36.175330
http://dx.doi.org/10.1109/36.868878
http://dx.doi.org/10.1029/2004GL021737
http://dx.doi.org/10.1109/TGRS.2002.803792
http://dx.doi.org/10.1109/TGRS.2003.814657
http://dx.doi.org/10.1109/TGRS.2011.2160644


Sensors 2019, 19, 5306 22 of 23

29. Xie, C.; Li, Z.; Xu, J.; Li, X. Analysis of deformation over permafrost regions of Qinghai-Tibet plateau based
on permanent scatterers. Int. J. Remote Sens. 2010, 31, 1995–2008. [CrossRef]

30. Chen, F.; Lin, H.; Li, Z.; Chen, Q.; Zhou, J. Interaction between permafrost and infrastructure along the
Qinghai–Tibet Railway detected via jointly analysis of C-and L-band small baseline SAR interferometry.
Remote Sens. Environ. 2012, 123, 532–540. [CrossRef]

31. Chen, F.; Lin, H.; Zhou, W.; Hong, T.; Wang, G. Surface deformation detected by ALOS PALSAR small
baseline SAR interferometry over permafrost environment of Beiluhe section, Tibet Plateau, China. Remote
Sens. Environ. 2013, 138, 10–18. [CrossRef]

32. Li, Z.; Tang, P.; Zhou, J.; Tian, B.; Chen, Q.; Fu, S. Permafrost environment monitoring on the Qinghai-Tibet
Plateau using time series ASAR images. Int. J. Digit. Earth 2015, 8, 840–860. [CrossRef]

33. Chang, L.; Hanssen, R.F. Detection of permafrost sensitivity of the Qinghai–Tibet railway using satellite
radar interferometry. Int. J. Remote Sens. 2015, 36, 691–700. [CrossRef]

34. Li, Y.; Zhang, J.; Li, Z.; Luo, Y.; Jiang, W.; Tian, Y. Measurement of subsidence in the Yangbajing geothermal
fields, Tibet, from TerraSAR-X InSAR time series analysis. Int. J. Digit. Earth 2016, 9, 697–709. [CrossRef]

35. Zhao, R.; Li, Z.W.; Feng, G.C.; Wang, Q.J.; Hu, J. Monitoring surface deformation over permafrost with an
improved SBAS-InSAR algorithm: With emphasis on climatic factors modeling. Remote Sens. Environ. 2016,
184, 276–287. [CrossRef]

36. Jia, Y.; Kim, J.W.; Shum, C.; Lu, Z.; Ding, X.; Zhang, L.; Erkan, K.; Kuo, C.-Y.; Shang, K.; Tseng, K.-H.; et al.
Characterization of active layer thickening rate over the northern Qinghai-Tibetan plateau permafrost region
using ALOS interferometric synthetic aperture radar data, 2007–2009. Remote Sens. 2017, 9, 84. [CrossRef]

37. Wang, C.; Zhang, Z.; Zhang, H.; Zhang, B.; Tang, Y.; Wu, Q. Active Layer Thickness Retrieval of Qinghai–Tibet
Permafrost Using the TerraSAR-X InSAR Technique. IEEE J. Sel. Top. Appl. Earth Obs. Remote Sens. 2018, 11,
4403–4413. [CrossRef]

38. Zhang, X.; Zhang, H.; Wang, C.; Zhang, B.; Wu, F.; Wang, J.; Zhang, Z. Time-Series InSAR Monitoring of
Permafrost Freeze-Thaw Seasonal Displacement over Qinghai–Tibetan Plateau Using Sentinel-1 Data. Remote
Sens. 2019, 11, 1000. [CrossRef]

39. Daout, S.; Doin, M.P.; Peltzer, G.; Socquet, A.; Lasserre, C. Large-scale InSAR monitoring of permafrost
freeze-thaw cycles on the Tibetan Plateau. Geophys. Rese. Lett. 2017, 44, 901–909. [CrossRef]

40. Bartsch, A.; Leibman, M.; Strozzi, T.; Khomutov, A.; Widhalm, B.; Babkina, E.; Mullanurov, D.; Ermokhina, K.;
Kroisleitner, C.; Bergstedt, H. Seasonal Progression of Ground Displacement Identified with Satellite Radar
Interferometry and the Impact of Unusually Warm Conditions on Permafrost at the Yamal Peninsula in 2016.
Remote Sens. 2019, 11, 1865. [CrossRef]

41. Dai, K.; Li, Z.; Tomás, R.; Liu, G.; Yu, B.; Wang, X.; Cheng, H.; Chen, J.; Stockamp, J. Monitoring activity
at the Daguangbao mega-landslide (China) using Sentinel-1 TOPS time series interferometry. Remote Sens.
Environ. 2016, 186, 501–513. [CrossRef]

42. Hooper, A. A multi-temporal InSAR method incorporating both persistent scatterer and small baseline
approaches. Geophys. Rese. Lett. 2008, 35. [CrossRef]

43. Wu, Q.; Zhang, T.; Liu, Y. Thermal state of the active layer and permafrost along the Qinghai-Xizang (Tibet)
Railway from 2006 to 2010. Cryosphere 2012, 6, 607–612. [CrossRef]

44. Wang, M.; He, G.; Zhang, Z.; Wang, G.; Zhang, Z.; Cao, X.; Wu, Z.; Liu, X. Comparison of spatial interpolation
and regression analysis models for an estimation of monthly near surface air temperature in China. Remote
Sens. 2017, 9, 1278. [CrossRef]

45. Jarvis, A.; Reuter, H.I.; Nelson, A.; Guevara, E. Hole-Filled Seamless SRTM Data V4. International Centre for
Tropical Agriculture (CIAT). 2008. Available online: http://srtm.csi.cgiar.org (accessed on 30 October 2018).

46. Wang, C.; Zhang, Z.; Zhang, H.; Wu, Q.; Zhang, B.; Tang, Y. Seasonal deformation features on Qinghai-Tibet
railway observed using time-series InSAR technique with high-resolution TerraSAR-X images. Remote Sens.
Lett. 2017, 8, 1–10. [CrossRef]

47. Zhang, Z.; Wang, C.; Zhang, H.; Tang, Y.; Liu, X. Analysis of permafrost region coherence variation in the
Qinghai–Tibet Plateau with a high-resolution TerraSAR-X image. Remote Sens. 2018, 10, 298. [CrossRef]

48. Lanari, R.; Mora, O.; Manunta, M.; Mallorquí, J.J.; Berardino, P.; Sansosti, E. A small-baseline approach for
investigating deformations on full-resolution differential SAR interferograms. IEEE Trans. Geosci. Remote
Sens. 2004, 42, 1377–1386. [CrossRef]

http://dx.doi.org/10.1080/01431160902929255
http://dx.doi.org/10.1016/j.rse.2012.04.020
http://dx.doi.org/10.1016/j.rse.2013.07.006
http://dx.doi.org/10.1080/17538947.2014.923943
http://dx.doi.org/10.1080/01431161.2014.999886
http://dx.doi.org/10.1080/17538947.2015.1116624
http://dx.doi.org/10.1016/j.rse.2016.07.019
http://dx.doi.org/10.3390/rs9010084
http://dx.doi.org/10.1109/JSTARS.2018.2873219
http://dx.doi.org/10.3390/rs11091000
http://dx.doi.org/10.1002/2016GL070781
http://dx.doi.org/10.3390/rs11161865
http://dx.doi.org/10.1016/j.rse.2016.09.009
http://dx.doi.org/10.1029/2008GL034654
http://dx.doi.org/10.5194/tc-6-607-2012
http://dx.doi.org/10.3390/rs9121278
http://srtm.csi.cgiar.org
http://dx.doi.org/10.1080/2150704X.2016.1225170
http://dx.doi.org/10.3390/rs10020298
http://dx.doi.org/10.1109/TGRS.2004.828196


Sensors 2019, 19, 5306 23 of 23

49. Goldstein, R.M.; Werner, C.L. Radar interferogram filtering for geophysical applications. Geophys. Res. Lett.
1998, 25, 4035–4038. [CrossRef]

50. Li, Z.; Zhao, R.; Hu, J.; Wen, L.; Feng, G.; Zhang, Z.; Wang, Q. InSAR analysis of surface deformation over
permafrost to estimate active layer thickness based on one-dimensional heat transfer model of soils. Sci. Rep.
2015, 5, 15542. [CrossRef]

51. Liu, L.; Schaefer, K.; Gusmeroli, A.; Grosse, G.; Jones, B.M.; Zhang, T.; Parsekian, A.D.; Zebker, H.A. Seasonal
thaw settlement at drained thermokarst lake basins, Arctic Alaska. Cryosphere 2014, 8, 815–826. [CrossRef]

52. Sun, Q.; Zhang, L.; Ding, X.L.; Hu, J.; Li, Z.W.; Zhu, J.J. Slope deformation prior to Zhouqu, China landslide
from InSAR time series analysis. Remote Sens. Environ. 2015, 156, 45–57. [CrossRef]

53. Costantini, M. A novel phase unwrapping method based on network programming. IEEE Trans. Geosci.
Remote Sens. 1998, 36, 813–821. [CrossRef]

54. Ge, L.; Ng, A.H.M.; Li, X.; Abidin, H.Z.; Gumilar, I. Land subsidence characteristics of Bandung Basin as
revealed by ENVISAT ASAR and ALOS PALSAR interferometry. Remote Sens. Environ. 2014, 154, 46–60.
[CrossRef]

55. Wang, C.; Zhang, Z.; Paloscia, S.; Zhang, H.; Wu, F.; Wu, Q. Permafrost Soil Moisture Monitoring Using
Multi-Temporal TerraSAR-X Data in Beiluhe of Northern Tibet, China. Remote Sens. 2018, 10, 1577. [CrossRef]

56. Li, X.; Cheng, G.; Jin, H.; Kang, E.; Che, T.; Jin, R.; Wu, L.; Nan, Z.; Wang, J.; Shen, Y. Cryospheric change in
China. Global Planet. Chang. 2008, 62, 210–218. [CrossRef]

57. Lu, J.H.; Niu, F.J.; Lin, Z.J.; Liu, H.; Luo, J. Permafrost modeling and mapping along the Qinghai–Tibet
engineering corridor considering slope-aspect. Geogr. Geoinf. Sci. 2012, 28, 63–67. (In Chinese)

58. Yin, G.; Zheng, H.; Niu, F.; Luo, J.; Lin, Z.; Liu, M. Numerical Mapping and Modeling Permafrost Thermal
Dynamics across the Qinghai-Tibet Engineering Corridor, China Integrated with Remote Sensing. Remote
Sens. 2018, 10, 2069. [CrossRef]

59. Niu, F.; Yin, G.; Luo, J.; Lin, Z.; Liu, M. Permafrost distribution along the Qinghai-Tibet Engineering Corridor,
China using high-resolution statistical mapping and modeling integrated with remote sensing and GIS.
Remote Sens. 2018, 10, 215. [CrossRef]

60. Niu, F.; Lin, Z.; Lu, J.; Luo, J.; Wang, H. Assessment of terrain susceptibility to thermokarst lake development
along the Qinghai–Tibet engineering corridor, China. Environ. Earth Sci. 2015, 73, 5631–5642. [CrossRef]

61. Luo, J.; Niu, F.; Lin, Z.; Liu, M.; Yin, G. Recent acceleration of thaw slumping in permafrost terrain of
Qinghai-Tibet Plateau: An example from the Beiluhe Region. Geomorphology 2019, 341, 79–85. [CrossRef]

62. Dini, B.; Daout, S.; Manconi, A.; Loew, S. Classification of slope processes based on multitemporal DInSAR
analyses in the Himalaya of NW Bhutan. Remote Sens. Environ. 2019, 233, 111408. [CrossRef]

63. Ferretti, A.; Fumagalli, A.; Novali, F.; Prati, C.; Rocca, F.; Rucci, A. A new algorithm for processing
interferometric data-stacks: SqueeSAR. IEEE Trans. Geosci. Remote Sens. 2011, 49, 3460–3470. [CrossRef]

© 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1029/1998GL900033
http://dx.doi.org/10.1038/srep15542
http://dx.doi.org/10.5194/tc-8-815-2014
http://dx.doi.org/10.1016/j.rse.2014.09.029
http://dx.doi.org/10.1109/36.673674
http://dx.doi.org/10.1016/j.rse.2014.08.004
http://dx.doi.org/10.3390/rs10101577
http://dx.doi.org/10.1016/j.gloplacha.2008.02.001
http://dx.doi.org/10.3390/rs10122069
http://dx.doi.org/10.3390/rs10020215
http://dx.doi.org/10.1007/s12665-014-3818-0
http://dx.doi.org/10.1016/j.geomorph.2019.05.020
http://dx.doi.org/10.1016/j.rse.2019.111408
http://dx.doi.org/10.1109/TGRS.2011.2124465
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Study Area and Datasets 
	Study Area 
	Datasets 

	Methodology 
	InSAR Processing 
	Seasonal and Long-Term Deformation Model 
	Calculation of ADDT and ADDF 
	Time-Series InSAR Method 
	Coherence Point (CP) Selection 
	Topographic and Orbit Error Removal 
	Atmospheric Phase Screen (APS) Removal 
	Parameter Estimation 


	Results and Analysis 
	InSAR Results 
	Regional Analysis 
	Beiluhe 
	Southern of Fenghuo Mountain 
	Tuotuohe 

	Deformation Analysis 
	Deformation and Permafrost Thermal Regimes 
	Deformation and Thaw Slumping 


	Discussion 
	Conclusions 
	References

