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Abstract: The Internet of Things is predicted to consist of over 50 billion devices aiming to solve
problems in most areas of our digital society. A large part of the data communicated is expected
to consist of various multimedia contents, such as live audio and video. This article presents a
solution for the communication of high definition video in low-delay scenarios (<200 ms) under the
constraints of devices with limited hardware resources, such as the Raspberry Pi. We verify that it
is possible to enable low delay video streaming between Raspberry Pi devices using a distributed
Internet of Things system called the SensibleThings platform. Specifically, our implementation
transfers a 6 Mbps H.264 video stream of 1280 × 720 pixels at 25 frames per second between devices
with a total delay of 181 ms on the public Internet, of which the overhead of the distributed Internet
of Things communication platform only accounts for 18 ms of this delay. We have found that the
most significant bottleneck of video transfer on limited Internet of Things devices is the video coding
and not the distributed communication platform, since the video coding accounts for 90% of the
total delay.
Keywords: Raspberry Pi; Internet of Things; video; streaming; low delay

1. Introduction
The number of smart electronic devices, such as smartphones, different wearables, and connected
appliances, has increased significantly. A network of electronic devices like these, capable of
communicating with each other to reach common goals, can be referred to as the Internet of
Things (IoT) [1]. The devices are able to observe and interact with the physical environment,
which allows the IoT to influence our lives significantly via applications in home automation, security,
automated devices, health monitoring, and management of daily tasks. Current estimations claim that
there will be over 50 billion connected devices as soon as 2020 [2], of which many will be typical IoT
devices, such as small embedded computers (e.g., Raspberry Pi devices) or different wireless sensor
networks. It is expected that the majority of the data traffic generated from these devices will be
multimedia data, and this multimedia traffic will account for 80% of all Internet Protocol (IP) traffic by
2019 [3]. Some even claim that multimedia is such an essential part of IoT that a new paradigm has
been suggested: “the Internet of Multimedia Things” [4].
There are many articles that research IoT problems in the area of identification, sensing,
communication technologies, security, and multimedia streaming. The area of multimedia
communication in the IoT for low end-to-end delay video streaming in time critical applications using
resource constrained hardware is however little explored. Therefore, this article focuses on the problem
of communicating high definition live video for IoT applications in surveillance scenarios with low
delay under the constraints of typical cheap IoT devices such as the Raspberry Pi. A particular scenario
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under consideration is the temporary surveillance deployment for a construction site, where live
surveillance of equipment and personal safety is required. Another interesting scenario is surveillance
of different types of events, such as concerts or festivals. The novelty of this research is not in
the scenario itself, but in the results of our investigation regarding whether or not it is possible to
communicate high definition live video on the IoT with low delay under the constraints of typical
cheap IoT enabled devices. This article seeks to find a system that meets the following requirements:
1.
2.
3.

A low delay from source to sink of <200 ms, providing a video viewing experience as close to
live as possible.
High definition video content of 1280 × 720 at 25 frames per second (FPS), to be able to make out
details in the captured video.
Runs on a cheap resource constrained device such as a Raspberry Pi, to show that the solution
will be viable for the IoT.

We expect our results to show that it is possible to enable low delay multimedia IoT applications
using distributed systems techniques under the constraints of typical IoT devices with limited hardware
capabilities. The remainder of this article is organized as follows: Section 2 presents related work
and our approach to meet the stated requirements. Section 3 presents our results, verification,
and measurements. Finally, Section 4 presents our final discussion and conclusion.
2. Materials and Methods
Our approach is based on the idea of using distributed systems techniques to enable real-time
video streaming on the IoT. In particular, it combines peer-to-peer (P2P) technology with Distributed
Hash Tables (DHT) to enable scalable communication with low delay, in order to send minimal chunks
of encoded video as small P2P packets to minimize delay of the video transmission. This section will
be split into two parts. The first part will provide information about related work and background
theory of our work. The second part will present our method and detailed approach to meet the
requirements and solve the problem.
2.1. Related Work
The related work presented in this section will provide an understanding of the state-of-the-art in
low delay video streaming over the Internet, and the IoT communication systems that are currently
employed on the IoT.
2.1.1. Low Delay Video Streaming
There is much related work in the area of multimedia transfer and in particular surveillance
applications. Jiang et al. analyse current research in real-time data exchange and propose a platform
and a Control over UDP (CoUDP) protocol for performing multimedia transmission on the IoT [5].
Their system is, however, built on several centralized components which can add unnecessary overhead
when it comes to minimizing delay. Martinez et al. study the performance of Dynamic Adaptive
Streaming over HTTP (DASH) when it streams a video over a Content Centric Networking (CCN)
architecture in typical IoT scenarios [6]. Since the system is built on CCN, it is not particulary feasible
in real world scenarios where almost all networks are IP-based. Similar work related to surveillance
on the IoT using resource constrained devices can be found in [7–10]; however, none of these focus
specifically on low latency video and they do not present any measurements on how low delay they
achieved in their applications.
Multimedia data represents the majority of Internet traffic today. As a result, there is an increased
demand for high resolution video. In order to not saturate the connection bandwidth and to achieve a
real-time transmission, adequate video compression is required. One of the most prominent video
compression standards today is H.264, which is what we will be using. H.264 was developed as
a response to the need for higher compression of moving pictures for several applications, such as
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Internet streaming [11,12]. The main goal of this standard is to provide high quality video at much
lower bit rates than previous standards, without increasing the complexity of the implementation.
The aim is to make the standard flexible enough to be applied into a wide variety of applications,
networks and systems. It has also been shown that H.264 clearly outperforms previous standards [13],
partly due to the fact that many devices currently have built in hardware decoders for H.264.
This improved compression performance entails a greater computational cost, enabling the H.264
to use significantly more processing power for the encoding and decoding. Pereira et al. present
an analysis of the suitability of the H.264 standard for encoding IoT related video data for a low
power personal area network in [14,15]. Worth noting, is that there is a successor to H.264 called High
Efficiency Video Coding (HEVC) [16]. The HEVC codec does, however, lack hardware decoders built
into the typical resource constrained IoT devices such as the Raspberry Pi.
We aim to use the H.264 standard for the coding of video data in our proposal because of the
characteristics and simplicity of the H.264 byte stream format, and because of the hardware decoders
on the Raspberry Pi devices. H.264 defines structures like the Network Abstraction Layer (NAL)
units, facilitating access of the data within a stream. The first byte of each NAL unit is a header byte,
which indicates which kind of data is present in the unit. The remaining bytes contain the payload
data of the type indicated in the header. We will send these raw NAL units over an IoT communication
system, directly from source to sink. The sink will then, on the fly, assemble the NAL units, decode the
stream, and display the video. This approach should yield the lowest possible delay due to minimum
buffering and stream parsing.
2.1.2. Internet of Things Communication Systems
Currently, there is a vast number of different systems used to connect IoT applications to
sensors and actuators. Most are typical cloud-based systems with one or more centralized servers
on the Internet, such as Nimbits, Azure IoT, Serviocity, Evrythng, Dweet, and Thingsquare [17].
These cloud-based systems are far from optimal when it comes to creating a future proof and
ubiquitous IoT system [18], especially when it comes to large-scale communication, low delays,
and avoiding central points of failure. Our approach will be a fully distributed and peer-to-peer
approach, because the traditional cloud-based systems will have difficulties keeping the delay low,
since all data need to be proxied through the cloud. Cloud systems also add a significant delay
compared to true P2P communication, since P2P communication in its rawest form always takes place
directly between source and sink. The IoT communication system we use will send the video stream
directly from source to sink without any unnecessary proxying and without any intermediate nodes,
creating a stream of data and achieving as low a delay as possible for the communication.
Most fully distributed IoT systems create an overlay using a DHT to enable logarithmic or better
scaling when the participants increase in magnitude. There is some communication overhead related
to the maintenance of the DHT itself, since it needs to maintain references between the participants of
the DHT. In this paper we will focus on one of these DHT based systems, namely the SensibleThings
platform [19], which is a fully distributed open source platform for enabling IoT applications
supporting P2P communication with low overhead. There are several other IoT communication
platform options. For example, closely related work is being done as a part of the TerraSwarm
project [18]. Their solution is based on a data centric approach which can create unnecessary overhead
since all new data is appended to long chains of distributed objects. The RELOAD architecture is
another related work [20], which is also based on a fully distributed P2P system, but the solution
uses the Session Initiation Protocol (SIP) which induces unnecessary overhead when applied to IoT
scenarios and devices. There is also the Global Sensor Network (GSN) [21], but they have limited
support for video streaming since originally, it aimed to connect data from wireless sensor networks
to the Internet. Other relevant competing work preserves a cloud type system but moves it closer to
the end users, so-called fog computing [22]. The response times are significantly lowered, but never
become as low as for true P2P communication.
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2.2. Our Method and Approach
Our approach is based on sending H.264 baseline coded NAL units as P2P packets over the
SensibleThings Platform using Raspberry Pi 2 model B devices with attached camera modules.
We selected this particular hardware to verify that our approach is viable for typical IoT devices.
The SensibleThings platform was chosen since it is an openly available middleware platform for
creating distributed IoT applications, capable of very low delay communication. An overview of our
implementation can be seen in Figure 1; a Raspberry Pi 2 model B device with an attached camera
module as the video source, the SensibleThings platform which will communicate the video data in a
P2P manner, and finally a second Raspberry Pi 2 model B device, which will act as the video sink and
render the video stream on a display connected via High-Definition Multimedia Interface (HDMI).

Figure 1. An overview of the implementation.

2.2.1. The Raspberry Pi Devices
The Raspberry Pi 2 model B [23] is a small computer with video and media coding capabilities.
It was mainly developed for the promotion of computer science teaching in schools. It is, however,
also used by a large community of different people and companies/organizations. The Raspberry Pi
2 model B has a Camera Serial Interface (CSI-2) connector to attach a camera module directly to the
Broadcom VideoCore 4 Graphics Processing Unit (GPU) using the CSI-2 protocol. The camera is a
high definition camera, capable of producing H.264 video using the hardware encoder built into the
GPU. The camera can be controlled by an application called raspivid, which takes full advantage of
the hardware encoding capabilities.
2.2.2. The SensibleThings Platform
The SensibleThings platform [19] is an open source communication platform enabling IoT based
applications. The platform offers an open source framework for connecting sensors and actuators,
in order to enable scalable real-time communication between applications. The main characteristics
of the platform is that it scales logarithmically with communication load in the end-points; it has no
central points of failure; it is capable of signaling in real-time between end points in a peer-to-peer
manner, it has the ability to run on mobile devices with limited resources; and it is able to reliably
handle transient nodes joining and leaving with high churn rates.
In order to find the sensors and actuators, the SensibleThings platform uses a DHT, where it
associates the IP address of the sensors or actuators with a Universal Context Identifier (UCI).
The UCI is akin to a combination between a Universal Resource Identifier (URI) and an e-mail
address. For example, a temperature sensor belonging to a specific person could have the UCI:
stefan.forsstrom@miun.se/temperature. The platform can also encrypt the P2P communication using
the Secure Sockets Layer (SSL) protocol to prevent eavesdropping. If SSL is enabled there will,
however, be additional overhead to the communication both in terms of delay and computational
complexity, since SSL uses a six way handshake and both symmetric and asymmetric key calculations.
A camera can be seen as a sensor, and the video stream can be considered a large set of continuous
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sensor values to be sent over the platform. In this way we have taken advantage of all the peculiarities
of the platform and can transfer the video stream from sources and sinks globally connected on the
Internet in a very low delay P2P manner.
2.2.3. The Video Stream
The video stream is encoded using the H.264 encoder present in the Raspberry Pi 2 model B
hardware. The H.264 compression offers enough performance to address any bandwidth concerns.
Other video stream issues, such as packet loss and delay variation, are addressed by the IoT
communication platform. For example, the SensibleThings platform ensures ordered reception of
packets because of its reliable transmission protocol.
The operation starts with the session initialization, in which the two devices makes the initial
connection. This includes the resolving of the camera name in the IoT platform and sending the initial
get request for the video source to start the streaming. The application on the source side obtains the
byte stream from the video encoder which in our implementation is solved by the raspivid command.
Next, the source side will send an encoded NAL unit to the sink over the IoT communication platform.
On the sink side, the application will retrieve the NAL units, one by one, and push them to the
hardware decoder, which will decode and render the video stream on the display.
3. Results
There are many different methods for measuring the delay of streaming video. The easiest way is
to observe both the video capturing and video displaying and compare them manually by inspecting
triggers in the video. However, there are also more automated tools such as VideoLat [24], vDelay [25],
and AvCloak [26]. To measure the low delay performance of our system, we have set up a simple
manual measurement testbed. The measurements were made using a simulated digital clock (with an
accuracy of one millisecond) on a laptop screen (HP EliteBook 8460p, Hewlett-Packard, Palo Alto, CA,
USA) and a Raspberry Pi 2 model B with an attached camera (Raspberry Pi NoIR Rev. 1.3, Raspberry Pi
Foundation, Cambridge, UK) facing the clock. It recorded and encoded the digital clock at a resolution
of 1280 × 720 at 25 FPS, with the default bitrate setting for the raspivid application, creating a video
stream with a bitrate of 6 mbit per second. The exact raspivid command used in all our measurements
were: raspivid -n -vf -hf -ih -w 1280 -h 720 -fps 25 -t 0 -o -.
The recorded clock was then displayed on the second display (Samsung SyncMaster SA450,
Samsung, Seoul, South Korea) to be compared with the live clock. This comparison was possible as
the two displays were recorded simultaneously with a 300 FPS camera, and saved for later analysis.
The complete system delay video could be calculated by comparing the clock difference, which was
done by investigating the recorded still frames of the two screens. A figure displaying the resulting
view of the two displays can be seen in Figure 2.

Figure 2. The recorded view of the two displays.

These measurements could then easily be repeated and the scenario altered by changing the
network and device configurations. This was one of the reasons why we chose a manual measurement
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testbed, because it would allow us to control all the steps in our evaluation and easily change the
measurement set up. Another reason why we chose to manually record the digital clocks and
compare them, rather than using a network packet analyzer or any other automatic methods to
measure the video delay, is that we wanted to measure the complete delay from recording to display.
A network packet analyzer can, for example, only measure on network level; it would not have
included measurements of the encoding, decoding, and display delays.
3.1. Measurement Configurations
Five different measurement configurations were used to investigate different scenarios. This in
order to isolate where the different delays came from and determine to what extent certain parts
contributed to the delay as a whole. We chose to only use wired connections in all the scenarios,
since the Raspberry Pi 2 model B does not have any wireless interfaces unless additional hardware is
attached. The different configurations were: Capturing only, without network, with local network,
SensibleThings with public IP, and finally SensibleThings with Network Address Translation (NAT) IP.
3.1.1. Capturing Only
In the first measurement setup we only measured the capturing time. This was done by using
the “Preview” option on the Raspberry Pi 2 model B device, with the camera recording the digital
clock. The video was shown directly on the connected screen in order to isolate the capture delay.
See Figure 3 for an overview of how this measurement was set up. The measurements performed
in this configuration showed that the capturing delay of the Raspberry Pi 2 model B device was on
average 86.6 ms with a standard deviation of 0.713 ms.

Figure 3. Measurement setup for capturing only.

3.1.2. Without Network
In the second setup we created a pipe to redirect the encoded video to a decoder which decoded
the video on the same device. Both this measurement and the previous measurement were performed
locally on a single device. This could therefore isolate the encoding and decoding delay. See Figure 4 for
an overview of how this measurement was set up. The measurements performed in this configuration
showed that the encoding and decoding delay of the Raspberry Pi 2 model B device was on average
163 ms with a standard deviation of 18.4 ms.
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Figure 4. Measurement setup without network.

3.1.3. Only Local Network
The third measurement was similar to the second setup, but it used two different Raspberry
Pi 2 model B devices and sent the video over a local gigabit network created by the local wired
network of a Linksys WRT54GL v1.1 router (Linksys, Irvine, CA, USA). The encoded video was
streamed directly using Transmission Control Protocol (TCP) from the Raspberry with the camera
to the Raspberry with the screen. The receiving Raspberry then fed the received data directly to the
decoder and displayed it on the screen. See Figure 5 for an overview of how this measurement was set
up. The measurements performed in this configuration showed that the total delay of encoding and
decoding on two Raspberry Pi 2 model B devices with a network between them was on average 163 ms
with a standard deviation of 18.5 ms. This was very close to the previous measurement without the
network, which indicates that the network communication itself does not add any significant overhead
if it is on a local gigabit speed network.

Figure 5. Measurement setup with local network.

3.1.4. SensibleThings and Public IP
The fourth measurement was done over the public Internet with the SensibleThings platform
as communication method. In this measurement each of the Raspberry Pi 2 model B devices had
a unique public IP address, as if they were directly connected to the Internet, without any home
routers or firewalls. Both devices were connected with a 100/100 mbit connection to the same Internet
service provider, namely the Swedish University Computer Network (SUNET). See Figure 6 for an
overview of how this measurement was set up. This scenario is, however, not particularly realistic
since public IP addresses are now quite uncommon and rarely issued to these types of end user devices.
The measurements performed in this configuration showed that the delay of the Raspberry Pi 2 model
B device when on the public Internet with the SensibleThings platform was on average 172 ms with a
standard deviation of 11.0 ms. Indicating that the SensibleThings platform and the noise on the public
Internet added roughly 9 ms on average to the delay.
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Figure 6. Measurement setup with SensibleThings with public Internet Protocol (IP).

3.1.5. SensibleThings and NAT IP
The final measurement scenario was in as realistic a setup as possible. In this scenario,
both Raspberry Pi 2 model B devices were behind an NAT router and had private IP addresses.
The SensibleThings platform had to apply different NAT penetration techniques to enable the P2P
communication. This is a quite likely scenario, since most IoT devices will be behind home routers
or behind a mobile carrier’s router or firewall. The NAT networks were created using the Linksys
WRT54GL v1.1 router connected to the public Internet via the 100/100 mbit SUNET connection. See
Figure 7 for an overview of how this measurement was set up. The measurements performed in this
configuration showed that the delay of the video streaming in this more realistic scenario was on
average 181 ms with a standard deviation of 19.2 ms. Indicating that the added layer of NAT and
complexity of the communication increased the delay further by roughly 9 ms.

Figure 7. Measurement setup with SensibleThings with Network Address Translation (NAT) IP.

3.2. Measurement Summary
Our results are summarized in Table 1, showing the average video latency and standard deviation
for each of the measurement setups. The raw data of all our measurements can be found online at:
http://dx.doi.org/10.5281/zenodo.60681.
Table 1. Summary of all measurements.
Configuration

Average Delay

Standard Deviation

Capture only
Without network
Only local network
SensibleThings with public Internet Protocol (IP) address
SensibleThings with network address translation (NAT) IP

86.6 ms
163 ms
163 ms
172 ms
181 ms

0.713 ms
18.4 ms
18.5 ms
11.0 ms
19.2 ms

The summary shows that a fully distributed IoT platform such as the SensibleThings platform only
accounts for 10% of the total delay in the worst case scenario, such as the more realistic scenario with
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devices behind NAT, where the average delay was increased by 18 milliseconds. Another notable result
is that a significant part of the delay is related to the video capture and encoding/decoding. We do not
directly address the issue of scalability in this article. However, we can see that the system will scale
well if both the communicating devices use public IP addresses, because the video is transferred in a
peer-to-peer fashion. If both devices are behind NAT then the video must be proxied through relays,
thus increasing the load of the proxy devices and the communication links.
4. Discussion
This article focused on the problem of communicating high definition live multimedia for IoT
applications in scenarios with low delay under the constraints of typical IoT devices and hardware.
That this is possible was shown by sending H.264 NAL units over a P2P-based IoT communication
system on a typical IoT device. This article has also shown that our approach satisfies the three stated
requirements. It has a low source to sink delay, which was requirement 1. We measured a 181 ms
delay from source to sink, if both the source and sink are behind NAT networks. The transferred
video was of a high definition quality of 1280 × 720 at 25 FPS, which was requirement 2. Finally it
satisfies requirement 3, because it was shown to work on a Raspberry Pi 2 model B device, which can
be considered a typical IoT devices with resource constrained hardware. In conclusion, when using
a fully distributed IoT system 90% of the total delay is due to the encoding and to the decoding of
the video.
Future Work
Real world deployment in the scenarios mentioned is our main future work, for example, to
investigate the scalability aspects of our approach. In particular, there is a need to investigate the
support and scaling for 50 billion devices which is the expected scale of the IoT. We also plan to
make a survey of all the different IoT communication platforms and the interoperability between
them. This includes measurements of the network capacities of the different IoT platforms and
network architectures, especially to perform a quantitative comparison with streaming on typical
cloud-based IoT systems and wireless networks. We would also like to evaluate other types of IoT
devices, such as other types of single board computers, e.g., Raspberry Pi Zero and Raspberry Pi 3
and different smartphones. The impact of the video quality and contents of the streamed video was
not considered in this work, hence the impact of realistic surveillance scenarios under different bitrate
conditions and the implications on video quality is a relevant topic for future work. With new IoT
devices released every year it would also make sense to investigate devices capable of HEVC (H.265).
Security aspects are paramount to the proliferation of these types of IoT services and should therefore
also be studied in more detail, especially if the IoT will be a reality in industrial and more critical
scenarios. Finally, an industrial context also imposes other constraints, such as harsh physical and
radio environment, that challenge the device shielding and wireless communication.
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